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Thomson Reuters Foundation

Antonio Zappulla

CEO, Thomson Reuters  
Foundation

Artificial Intelligence is reshaping economies and societies 
at a speed few anticipated. Our AI Company Data Initiative 
(AICDI) was set up to ensure transparency, trust and 
responsibility are embedded into this seismic transformation 
– helping companies, investors, policy makers and society 
understand how AI is being adopted and governed at a 
corporate level through a mechanism of voluntary disclosure.

Businesses of di!erent sizes and across multiple sectors are 
adopting Artificial Intelligence technology at pace, embedding 
new AI tools and capabilities across their operations, products 
and services, whilst internal controls, reporting mechanisms, 
and socio-environmental impacts often lag.

In today’s evolving regulatory landscape, AI adoption is 
clearly outpacing governance. At a corporate level, we have 
witnessed a lack of systems and frameworks required to 
ensure the technology is rolled out in an ethical way. This 
lack of clarity creates an unprecedented level of risks for 
businesses, workers, consumers, and investors. 

For the private sector, the risks are immense: 
operational failures, allegations of bias and 
discrimination, privacy and security incidents, 
environmental impact, and reputational harm.

REUTERS/Amr Alfiky
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At the Thomson Reuters Foundation, we work with 
businesses and investors who are committed to the 
strongest ethical standards. Our wide network includes 
companies with a combined market capitalisation of 
more than $25 trillion and investors with $5.5 trillion of 
assets under management.

Through AICDI, we equip the private sector with the 
insights it needs to harness the opportunities of AI 
responsibly in a way that minimises risk and drives 
long-term value, strengthening governance, and 
improving disclosure in ways that anticipate, rather 
than merely react to, emerging expectations. The data 
emerging from our survey is shared with investors, 
becoming a valuable and comparable asset tracking 
how companies are governing AI, allowing them to 
make better-informed investment decisions that 
reduce financial and reputational risk.

Grounded in UNESCO’s Recommendation on the Ethics 
of AI — a leading global standard for how AI should 
be used responsibly, adopted by all UNESCO member 
states— AICDI was built by a team at the Thomson 
Reuters Foundation and our partners at UNESCO with 
input from corporate stakeholders.

This first report shares the findings from our pilot year. 
What you are about to read is the world’s largest study 
assessing corporate AI adoption globally, featuring 
100,000 data points from almost 3,000 companies 
across 11 sectors and five geographies.

The data emerging from our pilot year confirms both 
progress and challenges. AI adoption is accelerating, 
but disclosure and governance maturity remain uneven. 
Across regions and sectors, many companies are 
experimenting with AI faster than they are formalising 
accountability, skills and oversight. Encouragingly, we 
also see examples of leadership – firms beginning to 

embed responsible AI roles, board engagement and 
clearer policies.

The AICDI survey is not intended to be a one-o! 
snapshot. It is a tool for continuous improvement: 
giving companies a structured way to take stock 
of their AI use, clarify accountability, and improve 
decision-making; and providing investors and 
other stakeholders with more consistent signals of 
governance maturity. Our ambition is a healthier AI 
ecosystem - one in which innovation can move forward 
with stronger safeguards, clearer expectations, and 
greater public confidence.

Beyond that, AICDI is designed to be directly usable in 
investment decision-making and stewardship. It gives 
investors a globally comparable way to benchmark 
issuers’ AI governance and adoption against sectoral 
and regional peers, helping distinguish leaders from 
laggards as responsible AI becomes a di!erentiator. By 
grounding assessment in UNESCO’s Recommendation 
on the Ethics of AI and other emerging norms, 
the dataset also helps investors anticipate where 
regulatory and liability pressures may concentrate, 
supporting due diligence, risk management, and 
more confident alignment with client and stakeholder 
expectations.

I have been encouraged by the early engagement from 
companies, investors, and partners who recognise that 
responsible AI is now a core governance issue, not a 
niche technical topic. This first report is a starting point. 
We invite all stakeholders to use AICDI as a shared 
foundation to improve transparency, comparability, and 
ultimately to ensure the benefits of AI are shared more 
widely, responsibly and in the public interest. 

Thank you for your continued support.

Antonio Zappulla

6CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE



UNESCO

Lidia Arthur Brito

Assistant Director-General  
for Natural Sciences and 
Social and Human Sciences 
A.I., UNESCO

We are currently at a critical juncture in technological 
history. The era of abstract safety debates regarding 
artificial intelligence is over. The world is no longer simply 
asking how AI-based systems can impact our society; 
it is demanding concrete mechanisms ensuring that 
these technologies do so in a manner beneficial to all 
of humanity. We need systems that ensure multilingual 
access, deliver tangible benefits to diverse communities 
and operate both safely and ethically.

This demand arrives at a time of profound acceleration 
of technological advancement. We are witnessing a 
rapid shift from generative tools creating content to 
agentic and embodied systems capable of taking 
action. Simultaneously, AI adoption is drastically 
outpacing formal regulation. Across di!erent states, 
rules are still being written and the maturity of the 
legislative AI governance landscape varies. 

This reality places a profound responsibility on the 
private sector to more proactively adopt responsible AI 
practices. Industry leaders and investors cannot a!ord 
to wait for legislation to catch up. Our shared task is to 
ensure this technological transition unfolds safely and 
at the pace of trust. To achieve this, the industry must 
champion ethical deployment, acting voluntarily and 
transparently to ensure the speed of innovation does 
not outrun society’s confidence.

This is precisely where UNESCO’s Recommendation 
on the Ethics of AI proves its enduring value. As a 
leading global standard adopted by all UNESCO’s 
Member States, the Recommendation serves as a 
global compass for responsible AI development, 
design, and deployment. It provides a unified, values-
based framework that guides all stakeholders including 
businesses in balancing between the benefits of 
technology against the associated risks. 

As the findings in this pivotal report demonstrate, the 
business community is the implementation engine 
for these principles. Grounded in publicly disclosed 
data and informed by UNESCO’s Recommendation, 

this report o!ers a vital window into how AI is actually 
being adopted and governed at the corporate level.

The data confirms both the immense momentum 
of AI adoption and the stark reality of the current 
governance gap. Much like the broader ecosystem, 
companies across industries are embedding new 
AI capabilities faster than they are formalising 
accountability, internal controls, and oversight. This 
lag creates risks, ranging from operational failures and 
embedded biases to severe reputational harm.

Yet, this report is also a testament to what is 
possible. It highlights case studies on how pioneering 
organisations are moving beyond abstract principles 
to share what governance, accountability, and risk 
management look like in practice, making responsible 
AI repeatable and scalable.

Crucially, implementing responsible AI practices 
requires resources. While multinational corporations 
have the capacity to build dedicated ethics teams 
and compliance frameworks, startups and small-
to-medium enterprises (SMEs) often face steep 
constraints. Meaningful industry leadership means that 
larger, well-resourced companies must pave the way. 
By sharing best practices, open-sourcing governance 
tools, and actively supporting smaller players across 
the globe, major enterprises can ensure that robust 
ethical standards are accessible to all, rather than a 
privilege of the few. 

The AICDI is a critical tool for ongoing improvement. It 
provides companies with a structured way to assess 
their own practices against a global standard, while 
giving investors the transparent, comparable data 
they need to di!erentiate leaders from those who fall 
behind and mitigate risks.

One of the platforms developed by UNESCO to support 
this shared journey, is the UNESCO Business Council for 
Ethics of AI, a collaboration with pioneering companies 
who committed to operationalise the principles laid out 
in the UNESCO Recommendation. The Council stands 
as a vital platform for companies to exchange real-world 
experiences and spread these good practices. 

I invite the members of the Council and all businesses, 
investors, and policymakers to use the insights of this 
report, accompanied by the Recommendation on the 
Ethics of AI as the guiding philosophy, to raise the floor 
across industries, building a healthier AI ecosystem 
dedicated to serving the global public interest.

Lidia Arthur Brito
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An investor perspective

Eva Cairns

Head of Responsible 
Investment,  
Scottish Widows 

AI will shape the next era of corporate strategy, 
economic growth and market transformation. In the 
UK alone 75 per cent of financial firms are already 
using AI and a further 10 per cent are planning to 
use it in future.1

AI brings the prospect of increased e#ciency and 
innovation, as well as the opportunity to help tackle 
big challenges in areas such as sustainability. Every 
company in our portfolio is now likely to be adopting 
AI in some form and using it to try to achieve a 
competitive advantage at pace. With such rapid and 
widespread adoption, AI is quickly becoming a core 
governance challenge that can present material risks 
to companies and investors. 

That’s why AI governance is a key engagement 
theme for us, and we shared our thoughts in our 
2025 report, Governing the Algorithm: investor 
principles for responsible AI2. We have been working 
with our asset managers to explore how AI oversight 
can be more e!ectively embedded into responsible 
investment practice. 

As members of the Thomson Reuters Foundation’s 
Workforce Disclosure Initiative (WDI), and supporters 
of its AI Company Data Initiative (AICDI), we share 
its goals to promote transparency and responsible 
business practices in corporate AI adoption. Its 
detailed dataset (which covers almost 3,000 
companies) and insights provide useful context to our 
own stewardship activities, encouraging responsible AI 
practices within our portfolio companies.

We believe that pension funds have a role to play 
in encouraging more transparent, equitable, and 
future-fit corporate behaviour, to support long-term 
economic stability, inclusion and accountability. 
The AICDI and its tools provide a useful resource in 
support of these goals.

Eva Cairns

About the AICDI investor signatory group
The AI Company Data Initiative is supported by a 
group of 10 investors with AUM of $1.2 trillion. The 
investor signatory group works collectively to support 
the development of this initiative by sharing their 
perspective on responsible AI and by encouraging 
their portfolio companies’ engagement with the 
initiative with active outreach. They are organisations 
that are committed to promoting the responsible use 
of AI within organisations around the world. 

Through the AICDI, investor signatories gain a 
structured and comparable view of how issuers 
are governing and deploying AI. This oversight 
is grounded in AICDI’s global dataset of 3,000 
companies which includes more than 100,000 data 
points. Investors can nominate up to 100 portfolio 
companies for inclusion in the dataset and analysis. 
Using these insights, investors will be equipped 
to engage corporates using a UNESCO-aligned 

framework that spans across governance, oversight, 
human capital, and safety and security.

By joining the signatory group, investors 
strengthen their due diligence and engagement 
on specific protections, namely data security, 
accountability stemming from AI model registries, 
incident reporting, access to redress, as well as 
bias and fairness assessments. It also enables 
benchmarking against peers and helps identify 
both leaders and areas across sectors where 
targeted improvement is required. Where holdings 
overlap, there is the opportunity to collaborate with 
other investors on joint engagements.

To support the AICDI’s work or to find 
out more about the benefits of Investor 
membership, please contact us at 
AICDI@thomsonreuters.com

8CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE

mailto:AICDI%40thomsonreuters.com?subject=


Executive 
summary 

REUTERS/Bruna Casas

9CONTENTS FOREWORDS INTRODUCTION FINDINGS CASE STUDIES GUIDANCEEXEC SUMMARY



11 per cent report carrying out 
Environmental Impact Assessments

12.4% 
report having a policy 
to ensure a human 
oversees AI systems

40% 
report having board- 
or committee-level 
oversight on AI

While 31 per cent of companies 
claimed to have AI training 
programmes, only 12 per cent 
o!ered structured training with 
comprehensive coverage

However, 76 per cent of these 
companies show no evidence 
of having policies to evaluate 
the quality of data used to 
train AI systems

43.7%
publicly communicate 
having an AI strategy

KEY STATISTICS Across 2,972 companies:

13 per cent of companies 
say they align their strategy 
with a formal AI governance 
framework

53 per cent of these 
companies cite the EU AI Act 
as their reference framework

7 per cent report carrying out  
Human Rights Impact Assessments

of companies do not report conducting 
any impact assessment with regard to AI. 
Of the companies that do:

31% 

12% 

72%
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Executive summary
Artificial intelligence (AI) is rapidly being 
embedded across companies’ products, services 
and internal operations, yet governance and 
disclosure are not evolving at the same speed. 

The result is a widening information gap for investors: 
companies increasingly communicate ambition, principles 
and oversight structures, while o!ering less clarity on where 
AI is actually deployed, how risks are controlled in practice, 
and who is accountable when systems fail. 

As AI becomes operational rather than experimental, this 
gap creates exposure across operational resilience, bias and 
safety, workforce impacts, gender equality impacts, data 
dependency and environmental footprint, and reinforces 
the need for disclosure that connects strategy to real-world 
decision making. Equally, weak policies and contracts for 
sharing data with third-party AI providers create governance 
blind spots in multi-actor supply chains, where upstream 
data and design choices can drive downstream harms.

This report looks at corporate practice in the context of the 
emerging responsible AI regulatory landscape and analyses 
publicly available data collected by the Thomson Reuters 
Foundation’s AI Company Data Initiative, the largest global 
dataset of corporate responsible AI disclosures. 

REUTERS/Fabrizio Bensch

11CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE



Governance is described 
in conceptual terms

Across the dataset, a consistent pattern 
emerges: organisations tend to describe 
governance at a conceptual level, but more 
rarely demonstrate how it functions day to day 
on an operational level across the lifecycle of 
systems. References to policies, committees 
and high-level oversight appear more frequently 
than evidence of operational controls, 
dedicated resources, escalation pathways 
or monitoring mechanisms that would allow 
external stakeholders to understand how risks 
are managed once AI is deployed.

Limited transparency on the impact 
of AI on workers and the environment

The same dynamic extends beyond core 
governance. Companies often acknowledge 
workforce transition and skills development, yet 
disclosures seldom show how these programmes 
a!ect worker learning outcomes or how workers’ 
concerns can be raised and addressed. 

Transparency around training data, third-
party systems and user rights remains 
uneven, making accountability across 
vendor ecosystems di"cult to trace. 

Ethical and environmental considerations 
are commonly framed as principles, but only 
occasionally linked to measurable processes 
or management practices.

Moving from awareness 
to accountability

Taken together, the findings suggest 
that the central challenge of responsible 
AI is no longer awareness but 
operationalisation. For investors, this 
shifts the focus of engagement: the 
most decision-useful information is not 
the presence of strategy, but evidence 
that governance works under real 
conditions, how models are approved, 
monitored, corrected and, when 
necessary, withdrawn. The opportunity 
for stewardship therefore lies in moving 
disclosure from statements of intent to 
verifiable practice. 

As AI becomes part of core business 
infrastructure, understanding how 
companies control it will increasingly 
resemble understanding how they control 
capital, safety or financial reporting, not 
a specialised sustainability topic, but a 
foundation of corporate reliability. 

As privately developed or deployed 
AI systems shape more of daily life, 
transparency must move beyond 
technical descriptions to show how 
accountability works—who makes 
decisions, how issues are escalated, 
and what remediation paths exist when 
things go wrong. Clear responsibility for 
harms or breaches should be identifiable 
in practice, not just in principle. Just as 
we expect openness and accountability 
from government, the private sector 
must meet comparable transparency 
standards for AI that a!ects the public.

Katie Fowler, Director of Responsible Business at the Thomson Reuters Foundation said: 

“The findings suggest that the challenge of responsible AI is no longer awareness but ensuring 
principles translate into in practice. Our AI Company Data Initiative provides a comparable, 
actionable dataset so investors and companies alike can identify good practice and material risk."

REUTERS/Kacper Pempel
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Introduction

REUTERS/Erik De Castro
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Why responsible AI matters now
Artificial intelligence is moving from 
experimentation to a core part of 
day-to-day business infrastructure. 

Research from McKinsey has found that AI 
adoption in at least one business function 
amongst companies rose to 88 per cent in 
2025, up from 78 per cent the year before.3 

Across sectors, companies are integrating 
AI into customer-facing services, internal 
workflows, and decision-making processes. As 
this integration continues, the question for many 
stakeholders is no longer whether a company is 
“using AI,” but how consistently it understands 
where AI sits in its business, what safeguards 
are in place, and whether accountability is clear 
when things go wrong. PwC’s 2025 Global 
Investor Survey underlines this growing demand 
for transparency, with 42 per cent of investors 
saying they want more transparency on 
companies’ AI investments, and another 42 per 
cent wanting clearer information on AI returns 
and cost savings.4 

Responsible AI adoption matters because 
the same systems that can improve speed, 
cost, and personalisation can also create new, 
scaled risks, often silently and unevenly, when 
governance doesn’t keep pace. AI can amplify 
bias in hiring or credit decisions, leak sensitive 
personal or corporate data, generate plausible 
but incorrect outputs that shape high-stakes 
choices, and introduce security vulnerabilities 

or regulatory exposure through opaque third-
party tools and shadow deployments. These 
risks are not abstract: they translate into real-
world harms (to people), material liabilities (for 
organisations), and operational fragility (for 
systems that become dependent on AI without 
clear controls). In practice, responsible adoption 
is what turns AI from a short-term productivity 
lever into a sustainable capability, by ensuring 
systems are designed and deployed with clear 
purpose, human oversight, data protection, 
monitoring, and documented accountability.

Responsible AI is important for everyone, 
though it a!ects stakeholders in di!erent 
ways. For businesses, it underpins e!ective 
oversight and reduces legal and reputational 
risk; for investors, it provides the transparency 
needed to judge governance quality and 
long-term resilience. Regulators depend on 
clear, well-documented AI use to protect rights 
and maintain market integrity, while suppliers 
and partners share in the risks created across 
interconnected systems. Customers need 
assurance that AI is fair, transparent and 
respects their privacy, and employees require 
safeguards against intrusive monitoring or 
biased automation. 

2025

2024

REUTERS/ Bruna Casas
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There is concerning evidence to 
suggest that AI governance is lagging 
behind AI deployment. A Harvard Law 
School  finds that only 13 per cent of 
S&P 500 companies have directors 
with AI expertise,5 and a Deloitte survey 
shows that just 14 per cent of boards 
regularly discuss AI.6

13%

Communities, particularly those with fewer 
resources, benefit when AI is deployed 
responsibly and face greater harm when it 
is not. Together, these perspectives show 
that responsible AI is essential for trust, 
safety and equity across society.

While public attention often concentrates 
on the developers of frontier models, many 
of the most immediate operational, legal, 
and social impacts arise from how AI is 
deployed and managed by companies across 
the wider economy. As adoption expands 
beyond the technology sector and into 
complex global supply chains (spanning from 
mass multinationals to small Global South 
organisations), the absence of standardised 
information on AI use and governance becomes 
a practical barrier to e!ective oversight, 
investment analysis, and internal improvement. 

of S&P 500 companies have 
directors with AI expertise

REUTERS/Mike Blake
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The AI Company Data Initiative
Launched in 2024, the AI Company Data Initiative (AICDI) seeks to address this 
gap by giving organisations a practical, standardised way to understand, and 
communicate how AI is being used and governed across their operations. 

Its primary tool is a free framework developed by the Thomson Reuters Foundation 
in partnership with UNESCO (United Nations Educational, Scientific and Cultural 
Organization) to help organisations understand their responsible AI adoption journey. 
Grounded in UNESCO’s Recommendation on the Ethics of AI, the Initiative through the 
voluntary survey and other capacity building materials helps organisations map where 
AI systems sit in the business, assess the safeguards and oversight in place, and 
benchmark their maturity over time and against peers. 

The AICDI aims to make AI governance more visible and comparable for internal 
leaders, boards, investors, and regulators, supporting better risk management, clearer 
accountability when things go wrong, and more responsible adoption as AI use scales 
through supply chains and across sectors. Designed to be accessible at any level of 
maturity, the survey does not require technical expertise to complete and can serve 
as a starting point for organisations beginning their AI journey as well as a structured 
health-check for more advanced adopters.

AICDI captures a broad, decision-relevant view  
of AI adoption, including:

AI strategy  
and governance

Procurement and  
deployment practices

Legal accountability  
and regulatory compliance

Data privacy, security,  
and bias mitigation

Human oversight  
and internal controls

Environmental  
impact assessment

Workforce impacts  
(upskilling/reskilling and redeployment)

Diversity and inclusion  
in AI practices
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By translating responsible AI principles into a structured, comparable 
dataset, AICDI aims to support two urgent needs at once: 

 → Helping companies strengthen their 
own AI governance and preparedness

 → Equipping investors with clearer signals 
on how AI is being governed in practice

This report presents the Initiative’s first findings and 
what they suggest about current patterns in corporate AI 
adoption, governance, and disclosure at a moment when 
adoption is accelerating and expectations, both regulatory 
and societal, are rising just as quickly. It also contains 
recommendations for investors to make better informed 
stewardship decisions.

For companies

For companies, it provides a practical way to 
identify gaps, strengthen internal governance, 
and communicate progress with greater clarity. 
Participating organisations receive scorecards 
that enable benchmarking, highlight gaps, 
and help map potential risks, supporting more 
credible transparency and trust with investors, 
customers, employees, and regulators. By 
encouraging a consistent, enterprise-wide 
approach, AICDI strengthens governance 
structures, documentation and cross-functional 
coordination. This supports more e#cient 
workflows, clearer accountability and a more 
stable foundation for scaling AI safely. This, 
in turn, supports wider and more sustainable 
adoption of AI across the organisation.

For investors

For investors, AICDI provides a clearer picture 
of how AI is governed across sectors, o!ering 
standardised disclosure that enhances 
comparability and reduces information 
asymmetry. This enables more accurate pricing 
of operational, regulatory and reputational risk, 
and also helps identify material vulnerabilities 
earlier - across data governance, model 
monitoring, human oversight, third-party 
dependencies and incident-response processes. 
The insights generated could strengthen their 
stewardship and board engagement by shifting 
conversations from broad commitments towards 
verifiable governance expectations, including 
accountability structures, board-level oversight, 
clear documentation and remediation pathways. 
By revealing sector-level adoption patterns and 
emerging norms, AICDI also supports capital 
allocation towards stronger, more responsible AI 
practices - helping distinguish durable advantage 
from short-term gains that mask deferred risk.

REUTERS/Brendan McDermid
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The regulatory and  
framework landscape
AI governance cannot be meaningfully evaluated in isolation from the external regulatory 
and framework landscape. Understanding the existing regulations and voluntary standards 
pertaining to AI therefore provides essential context, establishing the baseline standards 
against which organisational responsible adoption, controls, and oversight mechanisms 
can be interpreted. 

Existing AI regulations and policy

The European Union’s  
Artificial Intelligence Act7

Regulation - EU - 2024/1689 - EN - EUR-Lex • 
Adopted in 2024

The European Union’s  
General Data Protection Regulation8

Regulation - 2016/679 - EN - gdpr - EUR-Lex • 
Since 2016

The Brazilian General Data Protection Law (LGPD)9

Capa LGPD em inglês 2 • Since 2018

The South African Protection of Personal Information Act (POPI Act)10

Protection of Personal Information Act 4 of 2013 • Published 2013, came into force 2020

The Colorado Artificial Intelligence Act  
(SB 24-205)11 
Consumer Protections for Artificial  
Intelligence • Signed 2024

The California Transparency in Frontier 
Artificial Intelligence Act (SB 53)12

2025

The South Korean AI Basic Act13 
2025

The Chinese Interim Measures for the 
Management of Generative AI Services14 
2023

The Chinese Cybersecurity Law15 
2017

The Chinese Data Security Law16 
2021

The Chinese Personal Information 
Protection Law17

2021
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The European Union’s Artificial Intelligence Act (AI Act) is the world’s first comprehensive law 
designed to regulate AI. The EU adopted it AI Act was formally adopted in 2024 and has been 
rolling it out in phases through 2026. The Act sorts AI systems into four categories, based on 
the level of risk they pose - from unacceptable risk (prohibited) to high risk, limited risk and 
minimal risk. High-risk systems, such as  those used in healthcare, education, employment 
and law enforcement, must meet strict requirements such as robust documentation, risk 
mitigation, transparency, human oversight and post-market monitoring. Companies must show 
how the system works, manage risks, ensure transparency, include human oversight and keep 
monitoring the system after it is deployed. National regulators, working together through the 
new European AI O#ce, enforce these rules. Organisations that fail to comply can face 
significant fines, similar to those under EU data-protection and competition laws. In 2025 the 
European Commission supplemented the Act with guidelines for powerful, general-purpose AI 
systems that could create systemic risk. These models now have to follow additional 
obligations, such as adversarial testing, incident reporting, strong cybersecurity protections 
and detailed technical documentation. 
 
The AI Act remains the most advanced attempt to set clear, legally binding standards for safe, 
transparent, and accountable AI across all sectors.18 This legislation is currently in the 
progression of implementation, with a complete rollout due by August 27th.  

 

The EU AI Act is part of a broader regulatory landscape covering digital technologies shaping 
AI operations indirectly. The EU General Data Protection Regulation (GDPR) continues to 
influence AI governance: AI systems that process personal data must comply with GDPR 
principles including lawfulness, purpose limitation, data minimisation and rights such as 
access, portability and erasure. These provisions impose legal responsibilities on data-driven 
AI. Comparable statutes in other jurisdictions with binding obligations (e.g. Brazil’s LGPD, South 
Africa’s POPIA) similarly shape the lawful handling of personal data used in AI. Given that data 
quality, fairness and explainability are integral to ethics and safety, data protection law serves 
as a de facto regulatory floor across many legal systems.

 
While the United States does not yet have a single, binding federal AI law, multiple states have 
enacted legally enforceable statutes with AI-specific obligations. States like Colorado have 
introduced laws requiring developers and deployers of high-impact AI systems to adopt 
non-discrimination safeguards and transparency measures in domains such as employment 
and housing. California has passed targeted AI transparency and safety laws that require 
impacted companies above certain thresholds to report risk assessments and safety 
measures for large generative AI models. 
 
Federal e!orts in the U.S. remain largely agency guidance and executive orders, rather than a 
unified statute specifically focused on AI. 
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Elsewhere, countries such as South Korea have progressed national AI legislation, with the AI 
Basic Act entering enforcement in 2026. This statute is among the first broad national AI laws 
outside the EU, institutionalising governance mechanisms and safety foundations at 
the state level.

 
China’s AI regulatory framework emphasises data governance, algorithm accountability, 
content control and safety compliance. Rather than relying on a single AI law, China regulates 
AI through a combination of overarching legislation, AI-specific rules and mandatory technical 
standards. At the core of the framework are the Cybersecurity Law, Data Security Law and 
Personal Information Protection Law, which apply directly to AI because they govern data 
handling, security assessments and privacy obligations across all digital systems. These laws 
set requirements for risk assessments, data minimisation, security controls and cross-border 
data management, all of which a!ect how AI models are trained and deployed. On top of 
these broad statutes, China has implemented a series of AI-specific regulations that target 
algorithms, synthetic media and generative models: 

• The Algorithm Recommendation Rules require algorithmic systems, especially those used 
on large platforms, to be transparent, controllable and aligned with state-defined values. They 
also prohibit the misuse of algorithms in ways that might disrupt social or economic order. 

• The Deep Synthesis Rules regulate deepfake technologies by mandating real-name 
verification, content review processes and security assessments, ensuring that synthetic 
media can be traced and controlled. 

• The Interim Measures for Generative AI Services, which took e!ect in August 2023, 
impose registration requirements for providers, enforce content moderation, require safety 
checks and oblige developers to disclose their models’ identities and filing numbers. 
These measures are designed to ensure accountability and traceability in the operation of 
public-facing generative AI systems. 

• In September 2025, China introduced compulsory labelling rules for AI-generated 
content. These rules require both visible labels on all AI-generated text, images, audio, 
video and virtual scenes, as well as metadata-based implicit labels, making the provenance 
of synthetic content consistently identifiable.
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Non-legally binding standards and corporate self-regulation 

Where binding laws are absent or only partially developed, corporate self-regulation 
remains a major force shaping how AI ethics and governance are put into practice in 
companies. Non-binding frameworks help organisations mitigate risk, align with best 
practice, and prepare for future regulation.

International and  
sectoral standards

International and sectoral standards play 
a growing role in corporate self-regulation. 
Although not legally binding, frameworks 
developed by standardisation bodies (e.g., 
International Organization for Standardization 
(ISO)/ International Electrotechnical Commission 
(IEC)) standards on AI governance, and 
professional certification schemes provide 
structured expectations for ethics, risk 
management, accountability and transparency 
that companies can use to signal compliance and 
build stakeholder confidence. These standards 
increasingly influence procurement and supply 
chain decisions, as well as investor expectations.

Intergovernmental  
initiatives

Beyond binding laws and corporate self-regulation, 
numerous intergovernmental instruments shape 
global AI governance discourse and practice, 
often through normative standards, cooperative 
mechanisms and ethical benchmarks.

The UNESCO Recommendation on the Ethics 
of Artificial Intelligence is a widely endorsed 
(by 193 countries) non-binding normative 
instrument that articulates globally shared 
ethical principles for AI, grounding them 
in human rights, dignity, justice, fairness, 
transparency and environmental protection. 
It provides detailed guidance for national 
policy design, institutional governance and 
stakeholder engagement, and emphasises 
multi-stakeholder accountability, impact 
assessment, and redress mechanisms. Member 
States are urged to enact strong enforcement 
mechanisms and remedial actions and to 
build institutional capacities to prevent and 
mitigate harms stemming from AI systems. 
The UNESCO Recommendation is widely 
recognized by Member States and it is currently 
being implemented in more than 70 countries 
around the world building on its follow up 
tools, the Readiness Assessment Methodology 
and the Ethical Impact Assessment. The 
Recommendation is serving as a standard 
reference for countries that are the midst 
of enacting or revising national frameworks. 
For example, Nigeria’s National AI Strategy, 
published in September 2025, explicitly drew on 
the Recommendation as the model approach 
to develop a high-impact national AI strategy. REUTERS/Tim Wimborne
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This is also the case for the Kenyan National AI 
Strategy, launched in March 2025, the Mauritius 
Digital Transformation Blueprint, and Ghana’s 
National AI Strategy from August 2025. 

The OECD AI Principles are a widely accepted 
set of multilateral policy guidelines for 
trustworthy AI. Endorsed by 47 OECD members 
(including the EU) and many partner countries, 
they promote human-centred values such as 
transparency, fairness, explainability, robustness 
and accountability. They serve as a policy 
baseline for both national AI strategies and 
corporate governance.

The United Nations’ Global Digital Compact 
(GDC) is a comprehensive, non-binding global 
framework intended to foster responsible, 
inclusive digital technologies, including AI, and 
to address issues such as the digital divide, 
equitable access, safety, and ethical use in 
line with the UN Charter and the 2030 Agenda 
for Sustainable Development. The GDC sets 
common expectations for digital governance 
cooperation among states and stakeholders.

Corporate AI ethics and 
governance principles

Major tech firms and consortia have adopted 
ethical AI principles and governance frameworks, 
often aligned with international norms and 
embedded into internal risk, procurement, 
development standards, impact assessments, 
and audits. But without mandatory standards 
and clear legal accountability, practices can be 
inconsistent and opaque, encouraging speed 
over responsibility and increasing risks like 
bias, discrimination, security flaws, and misuse. 
Fragmented regulation also limits transparency 
and leaves the public with few avenues for 
redress, fuelling concern as AI deployment and 
synthetic content rapidly expand.

REUTERS/Darren Whiteside
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Methodology

Data sourcing and collection
 → AICDI collects data from both publicly available corporate 

disclosures and company responses to the survey. Public materials, 
including annual and Environmental, Social and Governance (ESG) 
reports, governance and responsible AI webpages, cybersecurity 
and privacy policies, and diversity reporting, were identified for each 
company.

 → These documents were analysed using a large language model to 
parse content against the AICDI framework. The model was instructed 
to populate survey response fields only where information was explicitly 
and clearly evidenced in the source material. Where the model identified 
content that required interpretation, inference, or contextual judgement, 
this information was not placed in the formal response field but was 
recorded separately in a “More Details” supporting field to inform 
engagement and review.

 → Human-in-the-loop quality assurance was embedded throughout the 
process. During model development and testing, outputs were reviewed 
by analysts to validate alignment with the framework and refine prompts. 
In production, spot checks were conducted on no less than 10 per cent 
of the sample, with manual review used to assess accuracy, consistency, 
and appropriate treatment of ambiguous information.

 → Companies were invited to review, validate, and supplement the 
resulting dataset through direct survey participation, so the analysis 
reflects both what’s publicly disclosed and what companies can explain 
about their own AI use and governance. 

REUTERS/Abdul Saboor

23CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE



Company selection
The target list was constructed through a risk-based and market-representative 
approach.

 → Risk-based sector weighting

Proprietary research was conducted to assess each industry’s exposure to AI-
related workforce and human rights risks, including the ways in which employees 
may be a!ected by AI adoption. This produced an industry-level risk score, which 
was aggregated into sector-level risk weightings. These weightings were used to 
define each sector’s proportional share of the overall sample.

 → Company selection within sectors

Within each sector allocation, companies were selected by ranking firms based 
on market capitalisation and number of employees, prioritising larger and more 
influential companies on the basis that they are likely to have the greatest 
workforce footprint and potential AI-related impact.

 → Market balance and country-level adjustment

Following the initial selection, a market-balancing adjustment was applied to 
ensure global representativeness. Market classification followed London Stock 
Exchange Group (LSEG) definitions of Developed, Emerging, and Frontier markets. 
To avoid structural over-concentration in large developed markets, the sample was 
calibrated towards an approximate 60 per cent Developed Markets and 40 per 
cent Emerging Markets, with Frontier Markets included on a limited basis within 
the Emerging/Frontier allocation.

Within this structure, country-level allocations were adjusted using LSEG-adjusted 
social risk indicators to inform how the Emerging/Frontier portion was distributed 
across countries with di!ering risk profiles.

 → Investor nomination and final refinement

Investors were invited to nominate companies of strategic relevance. The nominated 
list was cross-checked against the sample and, where nominated companies were 
not already included, they were added by replacing lower-ranked companies, while 
maintaining the overall sector and market balance described above.

 → Final sample size

While the initial target was 3,000 companies, the final dataset covers 2,972 
companies. In a limited number of cases, su#cient information could not 
be identified to enable reliable mapping to the AICDI framework, and these 
companies were therefore not included to maintain data quality and consistency.

See this section for a detailed distribution of companies.
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Data processing and classification
 → Qualitative responses were processed using a structured coding framework 
aligned with the survey’s thematic pillars: AI governance, workforce impacts, and 
data governance. 

 → Narrative disclosures were mapped to analytical categories capturing 
implementation levels, governance arrangements, and risk controls. Where 
information addressed multiple dimensions, more than one category could be 
assigned.

Analytical approach
Our analysis for this report focused on identifying patterns across regions and 
sectors rather than evaluating individual companies.

 → Treatment of partial and missing information

Consistent with the data collection approach, only explicitly evidenced 
statements were used to populate structured response fields. Where disclosures 
were incomplete, ambiguous, or relied on inference, responses were coded as 
“insu#cient information.” Potentially relevant contextual material was retained 
in the More Details field to support engagement without overstating maturity or 
assuming absence of practice.

 → Qualitative categorisation and text analysis

Open-text responses were translated into structured categories aligned with 
the survey themes. The detailed classification framework and coding rules are 
available upon request.

 → Quantitative analysis

Descriptive statistics and cross-tabulations were used to compare results across 
sectors, regions, and company roles (AI developers and deployers). Spearman’s 
Rank Correlation explored relationships between governance, risk management, 
transparency, and workforce measures. Sentiment analysis of textual responses 
complemented structured indicators with insight into narrative tone.

Findings are presented in aggregate to highlight trends and emerging practices.
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AICDI dataset breakdown

Regional breakdown

2,972
Total:

Africa

North America

600

Europe

676

Latin America

150

UK

126

48

Asia

Note: The regional distribution applied in this report follows AICDI methodology. The distribution reflects the 
predefined company list and continental classification approach applied in this report. Regions are grouped 
broadly by continent to support comparability across markets. The UK is presented separately to reflect its 
specific relevance within our investor base and engagement context.

1,279

Australasia

93
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Sector breakdown
Note: This sector classification follows GICS (Global Industry Classification Standards)

COMMUNICATION SERVICES • 244

CONSUMER DISCRETIONARY • 213

CONSUMER STAPLES • 192

FINANCIALS • 192

HEALTH CARE • 261

INDUSTRIALS • 355

INFORMATION TECHNOLOGY • 355

MATERIALS • 338

REAL ESTATE • 191

UTILITIES • 328

ENERGY • 278

Media & Entertainment Telecommunication Services

Automobiles  
& Components

Distribution  
& Retail

Consumer Durables  
& Apparel

Consumer Services

Distribution & Retail Food, Beverage & Tobacco Household & Personal Products

Banks Financial Services Insurance

Equipment & Services Pharmaceuticals, Biotechnology & Life Sciences

Capital Goods Commercial & Professional Services Transportation

Semiconductors & Semiconductor Equipment Software & Services Technology Hardware & Equipment

Equity Real Estate Investment Trusts (REITs) Real Estate Management & Development

57 55 51 50

35 170 12

74 67 51

77 184

61 159 135

8622247

338

69 122

328

278

121 123
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Thematic 
findings 

REUTERS/Go Nakamura
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REUTERS/Aly Song

Finding 1:  
Public commitment from 
companies to AI governance 
frameworks remains low, signalling 
inconsistent governance practices

The rapid emergence of artificial intelligence has left companies 
scrambling to e!ectively adopt and integrate AI capabilities into 
their operations. This implementation can give businesses a 
competitive edge by boosting e#ciency and automating complex 
tasks but it can also have vast unintended consequences that 
extend far beyond individual business operations. AI, if not 
e!ectively and responsibly governed, can lead to everything 
from global market disruptions and economic imbalances, to 
mass security and privacy risks.19 These risks can be mitigated by 
adhering to a formal set of a formal set of principles and practices 
which can provide a foundation for responsible AI adoption.20 
These frameworks can help companies deploy e!ective and 
responsible AI systems which maximise opportunities and avoid 
compliance risks. While commitment to such frameworks does 
not guarantee strong governance, the absence of commitment 
weakens accountability, comparability, and the credibility of any 
subsequent controls.
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Most companies are not publicly anchoring their AI 
practices to formal governance frameworks, and even 
where they do, commitments are more common in a few 
“AI-exposed” sectors and large-cap firms21 

28.7%
of the sample group 
identified as adhering 
to at least one AI 
governance code/
standard/framework

That translates to nearly 9 in 10 companies 
not publicly committing to any named AI 
governance framework – demonstrating that 
despite the growing availability of governance 
frameworks, most companies are not publicly 
anchoring their AI adoption to them, making 
it di#cult for stakeholders to assess the 
robustness of governance.

Where companies are demonstrating an adherence to formal governance 
frameworks, it is generally in areas where AI exposure and scrutiny are highest. 

The sectors with the closest association with 
data and AI technology and products, such as 
the IT and Financials sectors, are most likely 
to publicly disclose that they are adhering to 
a formal AI framework. Most other sectors fall 
below 15 per cent, with the Industrials and 
Energy sectors being least likely to disclose 
adhering to any framework.

Percentage of companies that report 
adhering to at least one AI framework:

Communication Services – 34.4%

IT companies – 26.6%

Financials companies – 24.1%

Industrials – 9.7%

Energy – 2.9%

Information, communication and financial services 
appear to be ahead on AI governance framework 
adherence because they sit at the sharp end of 
AI adoption. Their work is highly digitised and 
data-rich, and much of the value they deliver 
comes from knowledge-intensive tasks such 
as analysing information, coding, customer 
interactions, and risk and compliance workflows.

Given that a larger share of their tasks can be 
automated, these sectors tend to adopt AI more 
quickly, making them more likely to scale beyond 
pilots and integrate AI into core operations. This 
creates earlier pressure to formalise controls, 
accountability, and assurance. PwC’s 2024 AI Jobs 
Barometer suggests these sectors have higher AI 
exposure, reinforcing the link between task-level 
applicability and faster governance maturity.21

PwC’s labour market data also shows higher  
“AI penetration” (measured by job ads seeking  
specialist AI skills): information and communication 
is about 5 times higher than other sectors,  
professional services about 3 times, and financial  
services about 2.8 times. In practice, that kind 
of penetration usually signals more sustained, 
business-critical AI use, which increases 
regulatory, reputational, and client-delivery risk 
and accelerates the need for clear policies, 
oversight, risk management, and auditability.21 

(50%)
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Many companies are therefore developing AI strategies without 
anchoring them in the principles and practices of a formal 
governance framework, leaving themselves exposed to risk. 

Despite only 13 per cent of companies publicly claiming to adhere to an AI 
framework, a much larger share report having an AI strategy or guidelines.

13% 
 

43.7%

However, among those companies with an AI strategy, only around 27 per cent also report 
adherence to a governance framework. It indicates that AI strategies are frequently developed 
without a corresponding external commitment to recognised governance frameworks, suggesting 
that many strategies are oriented primarily towards accelerating adoption and capturing value 
rather than setting out robust governance commitments.

This is particularly stark in the Energy sector. 

25% claim to have an AI strategy

2% report adhering to a formal framework 

It suggests that most Energy companies that 
appear to have AI strategies/guidelines do not 
adhere to corresponding framework to ensure 
these guidelines are compliant or at least do 
not publicly say that they do. 

Communications Services show a larger gap.

65% claim to have an AI strategy

34% report adhering to a formal framework

This indicates that approximately half of 
communication service companies that appear 
to have strategies do not cite corresponding 
framework based on their public disclosure.

of companies publicly claim to adhere to an AI framework

of companies report having an AI strategy or guidelines

This creates risk and limits opportunities when it comes to deploying AI within a business, 
aligning with findings from a 2025 Thomson Reuters study, which found that organisations 
with a mature AI framework had better outcomes than those that didn’t.22

This is particularly the case when it comes to deploying AI tools across multiple governance, 
risk, and compliance functions, including using AI to track risk proactively and for predictive 
risk modelling to shape risk posture and strategic planning.23

27%
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Where companies are citing the use of an external framework, it is the EU AI 
Act which dominates, even for companies operating outside the EU. 

When we look specifically at commitments to 
formal frameworks, companies reference the 
EU AI Act as a framework they adhere to. While 
that share is modest across the full sample, it 
becomes far more significant among the subset 
that do report adhering to a framework: 

Over half of these companies cite the EU AI Act 
– despite nearly half operating outside the EU – 
indicating that it has emerged, by a substantial 
margin, as the dominate regulatory reference 
point across jurisdictions. 

The following most cited frameworks were the 
National Institute of Standards and Technology 
Artificial Intelligence Risk Management Framework 
(NIST AI RMF) and ISO/IEC AI Standards. This indicates that, for organisations 

that disclose details of their AI 
governance, the EU AI Act, designed 
as a comprehensive, risk-based 
legal framework balancing people’s 
rights and safety with the growth 
of Europe’s AI industry, appears to 
be treated as the “gold standard” 
framework. As a result, it is often 
used as the default external anchor 
for structuring and benchmarking 
governance.24

More than this, the AI Act has clear cross-
border reach, with many non-EU providers 
and users still covered by the legislation 
if they place AI systems on the EU market 
or if the system’s outputs are used in 
the EU. Because of this, companies in 
EU linked supply chains often meet the 
Act’s requirements from the start to avoid 
costly changes later and to keep smooth 
access to the EU market.25

It also makes a strong case for 
mandatory reporting initiatives, as it 
suggests that companies are a lot more 
likely to adhere to a framework if there 
is a binding legal imperative behind it.

53%
cite the EU AI Act

10%
cite ISO/IEC AI 
Standards

12%
cite the  

NIST AI RMF

REUTERS/Muhammad Hamed

Companies 
citing formal 
frameworks
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Even where companies do disclose alignment to a 
framework, reference points vary widely 

Many companies point to internal or non-
standard approaches rather than widely 
recognised benchmarks. In fact, among those 
companies citing the use of a framework, 43.6 
per cent cite “Other”, rather than one of the 
preidentified standard frameworks such as:

• The EU AI Act

• The OECD AI Principles

• The G7 AI Hiroshima Process

• UNESCO’s Ethics of AI Recommendation

This weakens comparability across the 
wider AI governance ecosystem.

Commitments anchored to divergent frameworks  
are di#cult to interpret on a like-for-like basis, 
complicating external assessment and portfolio 
analysis. Scholars have noted that such 
fragmentation can restrict access to technology 
and impose significant compliance burdens 
unless greater alignment is achieved.26 From an 
investor perspective, overlapping frameworks 
also risk producing incompatible data points, 
making portfolio analysis more di#cult.

Where companies align to AI 
frameworks, they tend to cite only one.

Among companies claiming to adhere to a 
framework, most only cite one, with the average 
number of frameworks being 1.37.

76.3% cite adhering to 1 framework

23.6% cite adhering to 2+ frameworks 

9.4% cite adhering to 3+ frameworks

This further illustrates the narrow and uneven 
nature of alignment: most companies rely on 
a single reference point, while only a small 
minority draw on several.

Adhering to multiple AI governance 
frameworks can be a mixed blessing.

 → It may strengthen governance by widening 
risk coverage and improving credibility with 
regulators, customers, and investors

 → But it can also introduce overlapping 
controls, inconsistent definitions, and higher 
compliance costs.

A more e#ective approach is to integrate 
di#erent frameworks within a single 
internal governance system – mapping 
requirements to one coherent structure 
rather than running parallel processes. 
This enables organisations to combine 
compliance baselines with ethics, human 
rights, and environmental considerations 
that individual frameworks may miss.

43.6%
of companies 
cited “other”
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REUTERS/Yi-Chin Lee

Finding 2:  
Many companies publish strategies 
on AI but it is less clear how these 
are put into practice

Research consistently shows that organisations with more mature 
AI governance tend to outperform their peers, with governance 
maturity often associated with better alignment of leadership, 
budgets, ethics, compliance, and technology under a unified 
framework.27 Thomson Reuters research, for example, finds that 
organisations with visible AI strategies are twice as likely as those 
with more informal or ad hoc adoption approaches to experience 
revenue growth as a direct or indirect result of AI adoption”.28 
Meanwhile, according to the 2024 Edelman Trust Barometer, 43 per 
cent of respondents said they would reject AI if they believe it was 
managed poorly.29 However, visible strategies do not necessarily 
reveal how AI governance is implemented in practice or supported 
by operational controls. This sets up a contrast explored below: 
relatively robust signals at strategic level, but much weaker 
evidence of delivery and oversight. 
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Companies demonstrate a comparatively 
high AI oversight at a strategic level 

40%
When it comes to the visible layer of AI 
strategy and governance intent, publicly 
available information is relatively robust. 
40 per cent of companies report board/
committee-level oversight.

However, strategic signals do not necessarily indicate 
operational capacity or day-to-day governance.

Board-level structures and strategy are typically the most 
visible entry points into AI governance, as they are more 
readily formalised and communicated than underlying 
processes and resources allocation. This means that strong 
signals at top layer may coexist with limited evidence of how 
governance is resourced and implemented in practice.

REUTERS/Seun Sanni

REUTERS/Jose Cabezas
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Evidence of AI governance 
implementation remains far less 
visible than strategic commitments.

Unlike top-level policies, limited information is 
publicly disclosed on the teams, processes, and 
accountability mechanisms that translate intent 
into action. 

For example, less than a third of all sampled 
companies claim to have an additional team or 
resource dedicated to AI governance. 

31% 
 

11% 
Of the companies which did claim to have 
an additional team or resource dedicated to 
AI governance, 11 per cent identified the Data 
Protection O#cer (DPO) as the most popular 
option, while wider committees or taskforces 
were cited significantly less often. 

This pattern suggests that many 
organisations are building AI 
governance infrastructure on top of 
established cybersecurity and data 
protection roles. 

The DPO role is often already in place for 
broader privacy and cybersecurity needs, 
even where companies don’t yet have 
a dedicated AI governance team. The 
overlap between AI governance and data 
protection means that firms may extend 
the DPO’s remit to cover additional AI-
related oversight where dedicated AI 
teams are not yet in place. While this 
is a viable outcome, particularly for 
smaller teams with more limited capacity, 
the expansion of this role must be 
accompanied by appropriate training and 
formal role expansion definitions. More 
specialised taskforces or committees can 
support e!ective implementation across 
a company by clarifying ownership, 
setting performance criteria, and enabling 
ongoing monitoring and evaluation. Such 
structures could be reflected in the use 
of internal structures for initiatives such 
as diversity or just transition programmes 
and provide a comparable mechanism for 
formalising accountability in AI.

3.8%
of companies claim to have 
an AI ethics committee

2.5%
claim to have an AI safety 
and security taskforce 

identify "Data 
Protection O"cer"

have an AI governance  
team/ resource

REUTERS/Andrea Comas
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97.3%

15.4%  

2.7%

84.6%

provide no evidence of a formal AI model 
registry from their public disclosure.

of companies say they can trace 
ethical impacts of their AI systems to a 
responsible person or organisation at the 
relevant stages of the AI system lifecycle.

of companies publicly report 
having a formal AI model registry.

of companies do not indicate they can 
do this – meaning they either say they 
cannot, or they don’t provide evidence/
confirmation that they can attribute 
responsibility in that way.

Accountability for ethical impacts across the lifecycle is materially 
higher than registries, but still low and often undisclosed.

This indicates that mechanisms for lifecycle accountability 
are still emerging but not yet consistently adopted. 

Registries and lifecycle accountability are foundational tools for operational AI governance, 
and their absence suggests strategy may not be being consistently translated into a 
company’s control infrastructure.

Among companies with an AI model 
registry, the finance sector leads, 
followed by the IT sector.

31%

21%

AI model registries and lifecycle infrastructure remain 
rarely evidenced in corporate governance practices30
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AI impact assessments appear in a minority of companies and most often focus on data 
and privacy, while AI human-oversight policies are less frequently implemented according 
to public information. Among firms reporting AI impact assessments, fewer also describe 
corresponding governance for human oversight. 

18%

14.5%
7%

Less than one fifth of companies claim to carry 
out data protection impact assessments.

Fewer still claim to 
carry out privacy impact 
assessments. 

This drops lower when considering impact 
assessments from a rights perspective, with fewer 

than 1 in 10 companies claiming to carry out human 
rights impact assessments.

If companies are not carrying out AI 
impact assessments, they risk relying 
on AI systems that are not tested in 
practice. This can leave material harms 
and compliance issues undetected, 
particularly around privacy, bias and 
discrimination, safety, and human rights, 
and can weaken accountability by limiting 
evidence that risks are being identified, 
mitigated, and escalated when needed.

Where assessments are undertaken 
but not communicated externally, 
they are missing the opportunity to 
reassure stakeholders that they are 
monitoring the implementation of 
their AI strategies and ensuring AI is 
being deployed in the company in a 
safe, e#ective and just way. 

Luka, Inc./Handout via REUTERS
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A crucial part of AI risk management is human oversight governance, yet many 
companies are not sharing enough data on how – or if – that is occurring. 

Impact assessments and human-oversight policy should go hand in hand as they address 
two connected parts of the same control cycle: impact assessments identify where harm 
could occur, and human oversight sets out who intervenes, when, and with what authority 
if risks arise.

In practice, impact assessments can inform oversight requirements, for example by specifying 
review points, trigger thresholds, escalation routes, and who can pause, override, or roll back 
a system. This matters most for bias and fairness because human oversight is what makes a 
non-discrimination promise real in practice: people do the regular checks, apply judgment in 
context, and step in to fix problems when results start to drift. It also strengthens accountability 
by making clear that people, rather than an AI system, are responsible for monitoring, challenging, 
and providing corrective action.31

12.4%
of companies report having a policy to 
ensure a human oversees AI systems

87.6%
either do not specify whether such a policy 
exists or state that they do not have one

Yet despite this, among the 836 companies reporting any impact assessments, the 
majority either conduct impact assessments without a disclosed human-oversight 
policy, or do not publicly report whether one is in place.

28.7%
of companies that report having 
any impact assessments also 
report a human-oversight 
policy

71.3%
of companies either conduct 

impact assessments without a 
disclosed human-oversight 

policy, or do not publicly 
report whether one is 

in place

39CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE



Large-cap companies are nearly twice as likely to have an AI strategy.

Sector dynamics di#er as well.

Among large-caps, IT leads AI adoption by 
23 per cent, whereas no single sector clearly 
dominates within the small cap segment.

This indicates that AI uptake is shaped not 
only by firm size but by local ecosystems 
and industry structure, with leadership in 
larger firms concentrated in North American 
technology-intensive sectors, and a more 
di#use profile among smaller companies. 

There is also a correlation between company 
size and the data publicly shared on adoption 
of formal governance structures.

Large-cap companies are more likely to report 
dedicated AI oversight bodies and dedicated 
AI governance resources than small-cap 
companies.

Percentage of companies that report having 
dedicated AI oversight bodies 

Percentage of companies reporting dedicated 
AI governance resources 

23%

Larger companies are more  
proactive in AI adoption and governance

33% 60%

50.8%

30%

46.5%

22%

Large-cap companies: Companies with 
a market cap of $50 billion or more

Small-cap companies: Companies  
with a market cap under $2 billion

50% Asia

of the small-cap group 
are based in Asia

45% North America

of the large-cap group are 
headquartered in North 
America
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The largest companies also report 
independent AI ethics resources more often.

16.4 per cent of large-cap companies report 
independent AI ethics resources versus 6 per 
cent among the smallest.

It is unsurprising that organisations with 
greater capacity and specialisation tend 
to deploy more developed AI governance. 
They typically have more budget and 
sta# time to dedicate to governance, risk, 
and compliance; clearer accountability 
structures to coordinate across business 
units; and deeper in-house expertise. 

It does showcase, however, the challenge 
small to medium businesses face in building 
proportionate AI governance while operating 
with lean teams, limited compliance bandwidth, 
and less access to specialist legal and technical 
support, which can push governance to 
become reactive rather than embedded. 

This strengthens the case for practical, 
scalable support for smaller firms, such as 
simplified governance frameworks, o! the shelf 
policies and documentation templates, shared 
assessment tools, and a!ordable external 
advisory or sector led guidance. In practice, this 
can be complemented by extending existing 
compliance roles, such as the Data Protection 
O#cer function, to provide interim AI related 
oversight where dedicated AI teams are not yet 
in place and resourcing is constrained.

16.4% 6%

REUTERS/Joe Skipper

41CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE



REUTERS/Krishnendu Halder

Finding 3: 
Companies do not demonstrate 
adequate protections for workers 
as AI reshapes jobs

AI is rapidly reshaping work both across individual workplaces and 
within the wider global economy, with some jobs declining while 
new ones emerge. While there are projections from companies like 
McKinsey that that AI will create 20-50 million new jobs globally 
by 203032, we are also hearing constant news of organisations 
like Amazon, UPS and Pinterest reducing their workforce because 
of AI.33 IMF research also finds almost 40 per cent of global 
employment is exposed to AI, with half the roles benefitting from AI 
integration and the other half facing lower labour demand, leading 
to lower wages and reduced hiring.34 In parallel to this, without 
su#cient oversight, AI can threaten workers’ rights, amplifying bias, 
increasing surveillance and work intensity, and enabling inhumane 
decision-making at scale.

To alleviate the risk to workers, companies need to understand 
where and how their workforce is being a!ected and respond 
with protections such as reskilling, retraining, redeployment, and 
transition support. Where AI has resulted in a worker protection 
being violated, there also needs to be access to e!ective remedy. 
This is only possible with solid workforce data and feedback loops 
to show where workers are being a!ected.
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Even with the 31 per cent where training programmes exist,  
there is a vast variation in the scope and depth of the training o#ered. 

For many the training programmes are not enterprise-wide or structured  
but ad-hoc, or limited to leadership roles.

12%

of all sampled companies claim to o!er 
comprehensive and/or tiered training coverage, 
which means structured training available 
across the organisation, while others showed 
a less structured approach: 

10%

evidenced ad hoc training coverage, for 
example, informal or one-o! training. 

6%

evidenced role-specific training coverage, focused 
on training targeted at specific teams or functions. 

1%

evidenced leadership-focused training coverage, 
targeted primarily at executives or managers.

This non-standardised, unstructured 
approach to AI training can heighten risks 
for workers by leaving those most exposed 
to AI-driven change (particularly frontline 
and non-technical sta#) without the 
baseline awareness, practical guidance, 
and support they need to use AI tools 
safely. In addition, they remain unaware of 
how AI may a#ect their work and are not 
instructed on how to raise concerns or 
seek remedy when problems arise. 

(50%)

(50%)

(50%)

(50%)

The data suggest that employees are ill-prepared 
for the impact AI is having on the future of work

According to our dataset, most companies are not demonstrating that 
they are preparing employees for AI-driven change or protecting them 
from AI-related workplace risks.

The International Labour Organisation (ILO) has 
identified education and reskilling as the key to 
ensuring that artificial intelligence is beneficial 
to workers.35 

31%
Yet despite this, less than a third of companies 
evidenced that they o#er training and/or 
reskilling programmes for employees adapting 
to an AI-integrated workplace.
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Financial and Communications companies are the 
most likely sectors to o!er training programmes 
for employees adapting to an AI-integrated 
workplace, with almost half claiming to do so. 

Within the Communications sector, training 
activity is uneven – Telecommunications 
companies lead the way, while Media and 
Entertainment firms report relatively lower levels. 

Telecommunications  66%

Media and Entertainment  44%

Given that media and entertainment 
are directly shaped by AI, this gap raises 
concerns that parts of the sector facing the 
greatest disruption may not yet be investing 
proportionately in workforce readiness

Financial and Communications companies 
are also the most likely sectors to evidence 
measuring the impact of that training, with 14-15 
per cent o!ering quantified training metrics. IT 
companies trail them slightly.

15% 14% 11%

of companies 
evidence measuring 
impact of training

Preparedness is concentrated 
among large-cap firms and in 
sectors closest to AI development 
and deployment (including IT, 
Communications, and Financials).

Workforce preparedness di#ers significantly according to company sector.

Across the wider market, the prevailing 
pattern is either no evidence of training 
or reskilling, or initiatives that lack robust 
measurement, suggesting workforce 
readiness is often treated as a capability 
add-on rather than a tracked, change-
management programme.

of all companies have training 
programmes with quantified 
participation/ impact metrics

49%

While these sectors tend to o!er more AI-related training, far fewer evidence available 
regarding quantified measure of its outcomes. The absence of systematic evaluation makes it 
hard to tell whether AI-related worker training is actually building usable skills and improving 
day-to-day worker outcomes, such as better job performance, safer workflows, fewer errors, 
and greater confidence and autonomy, or whether it is mainly a check-box exercise that 
raises awareness without changing practice.

8.1%
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While AI-driven decisions directly shape energy 
use, infrastructure, and community outcomes, 
limited workforce preparation carries wider 
implications. Without stronger capability building, 
adoption may outpace the ability to manage 
emissions, safety, and transition risks embedded 
in these business models, which could translate 
into operational disruption, reputation exposure 
and mispriced long-term liabilities. 

Comparatively, Energy and Real Estate 
companies were the least likely to share data on 
AI-related training.

3% o!er quantified metrics

15% evidence o!ering AI training

(50%)

2% o!er quantified metrics

26% evidence o!ering AI training 

(50%)

REUTERS/Yves Herman
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Disclosures raise concerns about labour protections 
in the context of AI, with limited public information 
clouding the full picture

Within the dataset, only 14 percent of 
companies evidenced that they had policies 
in place to mitigate the negative impacts of AI 
systems on workers. This means the majority of 
companies (86 per cent) either have no policies 
in place, or do not publicly communicate it. 

 

75% of this cohort cited multiple categories

Even within these companies that have some 
form of safeguarding policies, the information 
provided is often too high-level to assess 
their practical e!ect. Many describe bundles 
of controls without specifying how these 
measures operate in practice, what risks they 
address, or how compliance is monitored. 
75 per cent of this cohort, for example, cited 
multiple categories and 9 per cent of them gave 
little to no detail on what the safeguards were.

This leads to a lack of specificity and 
measurability when it comes to the 
safeguard policies and processes, meaning 
that companies lack the infrastructure to 
detect if the safeguards are working or not. 

For example, broad statements such as a 
commitment to protect their employees’ 
privacy, or protect them from AI bias, are too 
general to enforce or evaluate in practice. They 
do not specify what actions will be taken, what 
technologies are covered, or how compliance 
will be assessed. In contrast, a clearly defined 
worker protection policy, for example to ban the 
use of intrusive AI tools in employee monitoring, 
or a requirement that any algorithmic screening 
tools undergo an annual bias audit, sets explicit 
boundaries and creates observable criteria. 
Such concrete measures can be tracked, 
tested, and reported on, enabling meaningful 
oversight and accountability.36

14% of companies evidenced having policies 
to mitigate negative impacts on workers

The recommended practice is 
setting specific, measurable, and 
enforceable safeguards, as opposed 
to high-level statements. Best 
practice includes actively engaging 
workers or worker representatives 
in developing these safeguards, 
and/or consulting workers on 
the potential AI-related issues to 
understand their key concerns.

REUTERS/Mike Segar
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Very few companies share information on an AI-related 
internal complaints mechanisms, leaving it unclear 
whether such safeguards are in place.

When assessed on whether the company has an internal mechanism for 
the submission and review of employees’ complaints in relation to AI:

 

2.3% 
evidenced having a 
complaints mechanism

98% 
did not showcase 
evidence on if they have 
complaints mechanism 

Approached to AI-related internal complaints mechanisms.

The most common approach is multiple channels, followed by a general 
whistleblowing mechanism. Fewer companies still cite a direct reporting 
channel, a hotline or a tech committee.

Multiple channels – 56%

 

General whistleblowing mechanism – 26%

 

Direct reporting channel, a hotline – 7%

Tech committee – 3.2%

The findings suggest many 
organisations lack the 
mechanism for AI related 
complaints beyond the broad 
generic compliant and this is 
compounded by low awareness 
of where AI systems may 
infringe employees’ rights and 
protections. As a result, AI-
related harms and emerging 
risks can be misclassified, 
under-reported, or go 
unnoticed altogether.
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Despite this, there is a case for building appropriate grievance 
mechanisms tailored to addressing harms caused by AI specifically. 

According to research from Chatham House, these should be tailored to 
remedy harm su!ered due to AI’s capacity for operation at scale which risks 
infringing the rights of large numbers of people at once, for example: 

Any AI-related safeguards need to be aligned with the existing regulatory requirements

In the UK context, the right to privacy remains a fundamental consideration in the workplace, 
even as employers adopt increasingly sophisticated monitoring technologies, including 
AI-enabled tools. Any monitoring activity must comply with data protection requirements 
by being proportionate, necessary, and clearly linked to a legitimate organisational purpose. 
Employers are expected to provide transparent information about the nature, scope and 
rationale of any monitoring, ensuring that workers are aware of how and why their data is 
being collected and used.

Covert monitoring is subject to 
particularly stringent safeguards

It is permitted only in exceptional 
circumstances, such as where there 
is a substantiated suspicion of serious 
misconduct, and must be narrowly 
targeted and limited in duration. Prior to 
undertaking such monitoring, organisations 
are required to conduct a Data Protection 
Impact Assessment to evaluate potential 
risks to individuals’ rights and freedoms.

These protections are equally applicable 
in remote / home-working environments

Employees’ privacy rights extend to 
their home, and employers should avoid 
intrusive practices that blur the boundary 
between professional and personal 
spaces. Clear organisational policies and 
governance measures are essential to 
ensure that monitoring practices remain 
compliant with UK data protection law and 
uphold the core principle of respecting 
workers’ privacy.
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Regionally, European companies demonstrate the most  
transparency on AI safeguarding of workers. 

This potentially reflects stronger or 
more mature regulatory and governance 
expectations around workplace rights, 
including transparency requirements, 
and corporate accountability in the UK/
Europe, as well as greater institutionali-
sation of formal reporting channels. 

Nevertheless, with under 10 per cent of 
responses indicating the presence of 
AI-related complains mechanisms for 
each region, there is a gap in providing 
workers with a clear pathway to raise 
any potential issues specific to the use 
of AI in the workplace. 

The absence of such dedicated 
mechanisms has several implications: 
it can limit organisations’ ability to 
detect and address early signs of 
harm, undermine employee trust in AI 
deployments, and reduce transparency 
around how AI-related risks are 
escalated and managed. It might 
also increase the likelihood that any 
potential issues go unreported and 
unresolved if and when they occur. 

Overall, the data suggests that the 
global landscape still lacks the 
safeguards needed to ensure that 
employees can meaningfully exercise 
their rights in the context of AI.

Similarly, the presence of an AI-related 
complaint mechanism is higher in the UK and 
the rest of Europe than in average.

23%18.8%7% 8.7%8.3%

Safeguard disclosure is more common 
among sampled companies in the  
UK and the rest of Europe  
than in Latin America,  
Africa, and Asia.

REUTERS/Mohammad Ponir Hossain

(10%)

4.8% 4.3% 2.3%
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For companies that are deploying AI in HR processes, 
many are lacking data on whether it is inclusive 

AI adoption in HR remains relatively limited 
across the sample and is concentrated in 
recruitment and broad HR toolsets. 

15%

85%

Regionally, UK firms were among the highest of 
those providing clear evidence of reported HR-AI 
use, Latin American firms were also more likely to 
track AI use in HR. Comparatively, companies in 
the Australasia region were least likely to provide 
clear data on if AI is being used in HR.

Inclusivity-related governance is rarely 
evidenced among companies that deploy HR AI. 
Out of 447 HR-AI users: 

7.4%  
say they consult D&I (Diversity & 
Inclusion) -responsible sta! or a D&I 
process on AI projects

93%  
either didn’t consult D&I-responsible sta! on 

a D&I process on AI projects, or didn’t provide 
any data on consulting D&I-responsible sta!

of companies publicly say they 
use AI-powered HR tools

of companies did not publicly 
communicate on this matter

UK – 26%

Latin American – 23% 

Australasia – 7%

(50%)

REUTERS/Gabrielle Lurie
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This suggests that, even where HR AI is being 
monitored, the supporting infrastructure for  
inclusive deployment is often not formalised or  
not being publicly shared. This substantial gap  
has several important implications. 

 → First, it suggests that even where companies have 
introduced oversight mechanisms for HR technologies, 
these mechanisms may not be su#ciently equipped 
to account for the specific risks associated with 
equality, representation and non-discrimination. 
Without formalised involvement from D&I specialists, 
organisations risk overlooking how AI systems might 
reinforce existing inequities, for example, by replicating 
historical biases embedded in training data, or by 
marginalising under-represented groups through 
automated screening or performance analytics. 

 → The absence of D&I consultation points to a broader 
weakness in the governance infrastructure surrounding 
HR AI. Many organisations appear to be operationalising 
AI tools without integrating them into established 
frameworks for inclusive practice. This may reflect limited 
internal capacity, a lack of cross-functional coordination, 
or an assumption that existing HR or data-governance 
processes are su#cient to address fairness risks. However, 
without explicit oversight from sta! trained to identify 
and mitigate discrimination, companies are less able to 
anticipate emerging harms or evaluate whether their AI 
systems align with commitments to workplace equality. 

 → Finally, the limited transparency around these processes 
raises concerns about accountability. The absence of 
public reporting may signal that processes are not in 
place, or that organisations have not yet recognised the 
importance of demonstrating inclusive governance to 
external stakeholders. In either case, the lack of disclosure 
reduces visibility into how companies are managing 
the social impacts of HR AI, and limits the ability of 
regulators, workers and investors to assess whether these 
technologies are being deployed responsibly.
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REUTERS/Kham

Finding 4:  
Ethical issues - including  
human rights and environmental 
impacts - are being sidelined in AI 
governance and risk management

As AI is embedded in critical infrastructures, the social, ethical, 
and environmental implications of its systems are becoming 
increasingly visible.37 In many corporate governance approaches, 
however, “responsible AI” is still framed primarily through the 
lens of risk management, especially data security, privacy, and 
compliance, rather than broader ethical concerns such as fairness 
and bias, or the ways AI can reinforce existing inequalities and 
marginalisation. At the same time, policymakers, scholars, and 
business stakeholders are increasingly calling for ecological 
dimensions to be embedded in corporate AI governance and in 
leading AI governance initiatives such as the EU AI Act, UNESCO’s 
Ethics of AI Recommendation and the OECD AI Principles. While 
these initiatives and corporate programmes promote and ground 
responsible AI, within them environmental considerations are still 
not consistently treated as a core governance priority.38
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Disclosures indicate that AI governance is largely  
framed around compliance risks, with limited visibility  
of ethical priorities 

The pattern of disclosure indicates a stronger emphasis on data privacy  
and security, while ethical, human rights, and environmental impacts are less 
consistently assessed, less operationalised, and far less independently assured.

Risk management practices remain privacy and compliance led, with limited 
visibility of ethics or rights-led. 

Only a minority of firms disclose running any 
form of impact assessment, and the mix 
strongly favours privacy and compliance. 

Firms that report conducting at  
least one of the listed impact 
assessment types

The most prevalent assessments are privacy 
or compliance-focused, with 18 per cent 
report conducting a Data Protection Impact 
Assessment and 14 per cent report conducting 
a Privacy Impact Assessment.

By contrast, ethics and rights-oriented 
assessments are notably less common with 7 
per cent publicly communicating conducting a 
Fundamental/Human Rights Impact Assessment 
and 5 per cent reporting conducting an Ethical 
Impact Assessment.

 

14% 18% (25%)

5% 7% (25%)

The lack of public disclosure 
does not confirm inaction, but 
it leaves stakeholders without 
credible evidence that ethical and 
environmental considerations are 
being meaningfully embedded into 
AI strategy and delivery, suggesting 
ethical impacts are more likely to be 
treated as secondary considerations 
in a company’s AI strategy.

28%

REUTERS/Dado Ruvic
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This same pattern of marginalising ethics-specific commitments is also 
reflected in how firms set up their governance structure. 

Few companies report having independent 
assurances in place to scrutinise ethics-led 
AI governance.

Even in an area where ethical impacts are 
most scrutinised - bias and fairness - claims 
of rigorous independent testing are rare. 

of companies state they have  
bias-mitigation controls

Third-party assurance can help companies bolster 
legitimacy with stakeholders by strengthening 
monitoring and control. Publicly disclosing 
independent assurance of AI governance also 
signals higher-quality reporting and a credible 
commitment to managing underlying AI risks, 
which can build trust and credibility.39

 
0.8% 
report having an external 
AI Ethics Advisory Board

 
40% 
report board/committee-
level oversight of general 
AI governance

9%

2% of this small cohort cite this 
mitigation control as third party audit

REUTERS/Dado Ruvic
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More companies are reporting 
conducting Environmental Impact  
Assessments than Human Rights 
Impact Assessments. 

11% report carry out Environmental 
Impact Assessments

7% report carrying out Human Rights 
Impact Assessments

That approximately 8 in 9 companies do not 
report carrying out Environmental Impact 
Assessments is notable, given the heightened 
attention from policymakers, scholars, and 
business stakeholders to how rapidly scaling 
data-driven systems may a!ect energy 
demand, electronic waste, and long-term 
sustainability.37

These concerns are grounded in the resource 
intensity of modern AI. Machine learning models 
rely on energy-hungry cloud infrastructure and 
data centres, and training large-scale natural 
language processing models can generate 
emissions on a scale comparable to the lifetime 
emissions of several automobiles.37 

The overall strain is expected to rise sharply.

Data centres' global electricity consumption:

2024  

2030  

The International Energy Agency (IEA) estimates 
that data centres accounted for around 1.5 per 
cent of global electricity consumption in 2024 
and projects demand will more than double 
by 2030 (roughly equivalent to Japan’s current 
annual electricity consumption). 

Growth is also geographically concentrated.

The United States accounts for the largest 
share of global data-centre electricity use, 
followed by China and Europe.40

415 TWh

~945 TWh

45% 25% 15%

Ethics and environment signals 
are strongest where governance 
maturity is already highest. 

Across the survey, stronger AI governance 
practices cluster in large-cap firms and 
in sectors such as IT, Communications, 
and Financials, for example, higher rates 
of impact assessments, clearer oversight 
policies, the use of AI registries, and more 
developed bias controls. 

By contrast, smaller issuers and sectors 
such as Energy, Materials, and Real 
Estate lag on many of these measures. 
According to the disclosure patterns, the 
embedding of ethical and environmental 
considerations follows the same pattern. 
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REUTERS/Eddie Keogh

Finding 5:  
Limited company policies on AI 
training data, third-party data 
controls, and user data rights

While internal data-privacy and security policies are now 
well-established across most enterprises, these controls are no 
longer su#cient for governing the rapidly expanding use of artificial 
intelligence. AI systems rely on vast quantities of data sourced, 
combined, and refined through increasingly complex pipelines, 
often involving multiple third-party providers. Yet, compared with 
mature privacy and cybersecurity functions, corporate oversight 
of the data underpinning AI systems remains significantly less 
developed. Most companies have not embedded structured 
policies to ensure the quality, provenance, fairness, and appropriate 
use of the datasets that train or inform their AI models. This gap 
creates heightened risk: without clear governance of training 
data, third-party data flows, and user-data rights, AI systems can 
perpetuate historical inequities, reproduce discriminatory patterns, 
or propagate non-compliant data across fine-tuning and reuse.41 
As the findings below demonstrate, only a minority of companies 
have formal oversight mechanisms in place - whether to evaluate 
training datasets, manage data shared with external AI vendors, or 
uphold user controls over how their data is processed. Together, 
these gaps highlight that organisations lack comparably robust 
governance over the data that fuels AI, leaving material blind spots 
in accountability, risk management, and end-user protection.
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Around a quarter of companies with AI  
strategies report having policies to evaluate the  
quality of data used to train AI systems

 24% 
Oversight of AI training data - the foundation 
on which models learn - remains significantly 
underdeveloped across companies. This 
gap matters because biased, incomplete, or 
unrepresentative training data can reproduce 
historical inequities and generate discriminatory 
outcomes even when systems are designed 
without intent to discriminate.41 However, there 
is limited oversight by companies on the data 
used to train AI systems in terms of fairness 
and non-discrimination. Based on publicly 
available communication from companies, only 
24 per cent had policies in place to evaluate the 
training data of internally developed AI systems 
and vendor-supplied AI solutions.

REUTERS/Shannon Stapleton
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Regionally, adoption remains low.

Australasia, North America, Europe and United 
Kingdom have around 15 per cent of their 
companies communicating their training-data 
oversight policies compared with the 10 per 
cent or less in other regions.42

In Europe, the EU AI Act hard-codes dataset 
quality and bias controls by requiring high-risk 
systems to apply data-governance practices and 
use datasets that are relevant, representative, and 
are error-free and complete as far as possible.43 

In North America, companies face a patchwork 
of enforceable state and local requirements that 
indirectly pressure training-data governance. For 
instance, Colorado’s AI Act for high-risk systems 
requires developer documentation to deployers 
that includes training-data/data-governance 
information and discrimination-risk mitigation44 
and California’s CPPA regulations introduce 
mandated risk assessments and governance 
duties for automated decision-making a!ecting 
consumers.45 Additionally, in the US, the NIST 
AI RMF increasingly functions as “soft law” 
that shapes corporate norms even without 
being legally binding: it supplies a shared 
risk-management vocabulary and encourages 
repeatable internal controls, documentation, 
and continuous testing across the AI lifecycle.46 
By standardising what “good practice” looks like 
– especially for documentation and evaluation 
– AI RMF nudges firms toward stronger data 
governance practices.47

Communication Services and Information 
Technology sectors lead on AI training-data 
governance.

The comparatively higher uptake in the 
Communication Services and Information 
Technology sectors likely reflects the 
fact that these industries frequently build 
or integrate AI products – such as cloud 
services, software platforms, search and 
recommendation engines, and advertising 
technologies – where strong training-data 
governance is essential for product 
assurance, customer trust, and safety.

25%
of companies in these 
sectors report relevant 
policies

10%

15%

REUTERS/Benoit Tessier

Leading frameworks and regulators increasingly treat data governance for fairness as a core 
requirement and since organisations often procure AI models or services from third-party, 
training-data oversight must extend to procurement and supplier due diligence-consistent 
with responsible procurement guidance and human-rights expectations across business 
relationships.48
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Mirroring gaps in AI training-data oversight, only one in 
five companies with AI strategies report having policies 
for data sharing with third-party AI solution providers

Regionally, around 18 per cent of the 
companies in Australasia and United Kingdom 
had communication on such policies in place, 
whereas communication on the same rates 
drop to 12 per cent or below in all other regions. 

Adoption is similarly limited across sectors

Approximately 17 per cent of the companies in 
the Information Technology and Communication 
Services sectors report having relevant policies

Compared to around 12 per cent or less in the 
Consumer Discretionary, Financials, and Health 
Care sectors.

The low adoption rate of such policies 
could be attributed to the fact that AI 
systems are produced through complex 
supply chains with multiple actors and 
uneven access to information, meaning 
downstream deployers could lack the 
power or capability to identify and 
mitigate upstream data risks.49 

However, without wider uptake, harmful or 
non-compliant data can propagate silently 
across reuse and fine-tuning, undermining 
accountability throughout the AI supply chain.

!

(50%)17%

(50%)12%

REUTERS/Bobby Yip

18% 12%
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Companies from the Information Technology 
and Communication sectors tends to disclose 
comparatively more about third-party data controls 
for AI. However, this leadership is modest in absolute 
terms – adoption rates remain below one fifth of 
firms, indicating that even the better performing 
sectors are still at an early stage of formalising 
supplier-data governance. 

IT firms often operate upstream—as cloud/
platform providers, model builders, and system 
integrators, which exposes them to stronger 
enterprise procurement demands for vendor 
due diligence and demonstrable governance. 
In addition, IT companies typically maintain 
mature software and cybersecurity supply-chain 
programmes, such as structured vendor 
onboarding and continuous monitoring processes. 
This may make it easier for them to extend existing 
controls to AI components such as dataset 
provenance, model documentation, and logging-
practices explicitly encouraged in risk frameworks 
that call for third-party AI policies.50 51 52

Communication Service companies, meanwhile, 
tend to sit downstream as major deployers and 
distributors of AI-enabled content and services. 
Their proximity to end users and to copyright, 
misinformation, and safety risks makes third-party 
AI controls particularly material. 

Yet the data suggest that governance 
practices in both sectors are only marginally 
ahead of the wider market, rather than 
representing a mature benchmark.

Across non-tech sectors, the lack 
of formal policies for sharing data 
with third-party AI solution providers 
weakens governance because AI is 
delivered through multi-actor supply 
chains where information transfer 
is imperfect and upstream design/
data choices create downstream 
consequences. 

Without contractual limits on 
reuse, provenance requirements, 
and audit rights, poorly 
documented training data can 
embed bias, privacy leaks, and 
copyright/consent violations that 
remain opaque to deployers.53 
International guidance therefore 
calls for lifecycle accountability 
and explicit controls over 
third-party software/data and 
supply-chain issues.
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Only 16 per cent of the companies allow users  
to request the deletion of their data and stop its 
processing by AI systems

As AI capabilities become increasingly 
embedded across internal workflows 
such as HR, finance, and risk, as well as in 
customer-facing services, governance needs 
to extend beyond privacy policies to protect 
end-user rights in practice. End-users should 
receive clear notice of AI use, meaningful 
transparency and explainability, and accessible 
pathways to challenge outcomes and obtain 
remedy, consistent with international guidance 
on trustworthy, human-rights-respecting AI.54 55 
Given the widespread reliance on vendor 
models and third-party datasets, organisations 
should require supplier due diligence that covers 
dataset provenance, intended use, quality/
bias testing, and ongoing monitoring, aligned 
with established expectations for responsible 
business conduct across value chains.56

25%
of the companies 
analysed from Europe 
and United Kingdom 
provide this mechanism.

Adoption is limited across sectors: 

~ 30%
of the companies in the 
IT and Financial sectors 
report having relevant 
policies

Based on publicly available communications, 
only 16 per cent of the companies considered 
in our dataset allow users to request the 
deletion of their data and stop its 
processing by AI systems.

18%
of companies allow 

users to request the 
deletion of their data

Across Europe, companies are more 
likely to o#er user-data rights in 
the context of AI. This is largely 
due to the EU’s GDPR, which treats 
personal-data protection as a 
fundamental right and provides 
individuals with enforceable 
controls such as transparency, 
access, and data-subject rights. 
GDPR Article 22 also provides 
safeguards where decisions 
are based solely on automated 
decisions that have legal or 
similarly significant e#ects and 
requires safeguards such as human 
intervention and the ability to 
contest outcomes.57
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Implications

 → If structured governance for AI training data, third-party 
data flows, and user data rights remains limited, 
organisations may face increased variability in system 
outcomes, including uneven performance across 
populations and disparate impacts linked to biased or 
unrepresentative datasets.58 Weak dataset provenance 
and documentation can also make it harder to audit or 
explain how data was collected, prepared, and used, 
which can constrain internal assurance, external review, 
and incident response when issues arise.59 

 → In extended AI supply chains, insu#cient controls over 
third-party inputs may contribute to risk propagation 
across reuse and integration and can complicate 
risk measurement when upstream practices are not 
transparent to downstream deployers. Over time, early 
data issues may compound into downstream operational 
failures and accumulating technical debt (“data 
cascades”), particularly in higher-stakes contexts.60 

 → Finally, as some jurisdictions increasingly specify dataset 
governance expectations for certain AI, gaps in policy 
and evidence trails may translate into higher compliance 
and assurance costs and greater scrutiny during 
assessments.61
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Sentiment 
analysis

REUTERS/Kacper Pempel
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6.38% 93.11% 0.51%

1.60% 98.40% 0.00%

5.70% 94.26% 0.05%

"  Governance and oversight → Strategic

"  Governance and oversight → Operational

"  Governance and oversight → Institutional

#  Human capital → Impact on work and skills

#  Human capital → Workers’ rights and representation

#  Human capital → Diversity and inclusion

$  Safety and security → Data

$  Safety and security → System security

14.48% 85.40% 0.11%

4.63% 95.25% 0.12%

12.01% 87.49% 0.50%

5.24% 94.56% 0.20%

6.70% 93.16% 0.15%

Percentage positive 
 ↓

Percentage neutral 
↓

Percentage negative 
↓

Sentiment analysis results
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The survey’s more than 15,000 open text 
fields o#er a unique window into how 
companies talk about artificial intelligence. 

Unlike closed questions, these free-text answers 
let us read between the lines. They show that, 
although enthusiasm for AI and its commercial 
promise is high, the tone becomes markedly 
more conservative when sampled companies 
discuss AI governance and responsible AI. This 
shift in language is itself a finding: it suggests 
that companies recognise the complexities of 
governing AI and choose words carefully when 
commitments have yet to be fully realised.

We processed these responses using two 
transformer-based models – Financial 
DistilRoBERTa and Twitter RoBERTa – which assign 
each answer a score between $1 and +1. Scores 
above 0.05 were considered positive and those 
below $0.05 negative. A third lexicon-based tool, 
VADER, was also tested but proved ill-suited to 
formal corporate communications as a rule-based 
classifier it can only recognise scenarios it was 
designed for and tends to overrate compliance 
language62. The RoBERTa models, by contrast, 
better capture the neutral, cautious tone typical 
of governance disclosures.

65CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE



Sentiment patterns
Across all sections the prevailing tone was neutral to slightly positive. 

This neutrality reflects how organisations write about responsible AI –  
measured, careful and often aspirational - rather than exuberant. 

~7% Positive ~92% Neutral %0.5% Negative

REUTERS/Amr Alfiky

Such caution mirrors investor sentiment:

While a December 2025 survey found that 80% 
of investors believe artificial intelligence will 
deliver net benefits: 

62% rank AI safety among their top concerns

97% say companies should provide AI training 
for employees63

When board directors themselves 
were polled:

~33% 
said adopting new technology 
will demand the most board 
attention next year 

51% 
plan to increase investment 
in workforce training64

The restrained language in our data 
therefore reflects a market in which 
stakeholders welcome AI but insist on 
responsible safeguards.
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In contrast, governance and 
oversight and safety and security 
displayed lower positive shares and 
higher neutrality. 

Governance & 
oversight 
~5.5% 

Safety & security 
~5.5%

Rather than implying 
disengagement, this pattern 
reflects the early stage of many 
organisations’ AI governance 
frameworks.

Within this overall neutrality, some themes stand out.

Human capital questions – covering training, inclusion and 
employee support – registered the highest positive share. 
Categories such as Diversity and inclusion and Operational 
issues had even higher positivity.

Human capital 
8.4%

Diversity & inclusion  
~14.5% 

Operational 
12% 

Respondents regularly referred to diversity programmes, 
re-skilling initiatives and inclusive workplaces, suggesting 
that many organisations simply adapted existing 
human-resources policies to the AI context. 

That emphasis on people is echoed in broader opinion 
surveys: investors overwhelmingly expect companies to 
equip their employees with AI training64, and many directors 
say they intend to devote more resources to upskilling65. 
Taken together, the internal numbers and the broader 
mood of the market suggest that workforce support is one 
of the more mature areas of responsible AI.

According to EY’s proxy statement analysis, 
the number of S&P 500 companies assigning 
AI oversight to a board committee more than 
tripled in 2025.

However only about one quarter have fully 
implemented AI governance programmes 

And just 67% conduct formal risk 
assessments of third-party models65 

Our respondents’ guarded language on 
governance and security therefore signals 
realism: companies are aware of regulatory 
and ethical obligations but are still building 
committees, policies and controls. 

In this light, neutral sentiment is not a 
negative sign; it shows that firms are 
careful not to overpromise on issues like 
data protection, system security and 
board oversight

67CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE



REUTERS/Rodolfo Buhrer

Interpreting positive 
and neutral signals
Taken together, these findings remind us that polished 
rhetoric does not always equal substantive progress. 

The CFA Institute warns of “AI washing,” where organisations 
market products as AI-driven without meaningful 
integration66. In our data, high positivity often clusters around 
topics – such as diversity or operational e#ciency – where 
companies already have well-developed programmes and 
can easily repurpose existing messaging. By contrast, areas 
that require new technical capacity, risk management and 
board oversight tend to be described in neutral terms. Far 
from signalling complacency, such neutrality can indicate 
transparency about challenges and a willingness to build the 
foundations required for responsible AI.

For investors and corporate leaders, the sentiment 
landscape o#ers actionable signals. 

Strong positivity around human capital and diversity points to 
areas where firms are most confident and where investments 
in training and inclusion are paying o!. Neutral language 
around governance and security highlights the parts of 
the agenda that remain under development. By combining 
sentiment analysis with other metrics, investors can better 
distinguish between marketing slogans and genuine progress. 

The ability to read these nuances makes 
sentiment analysis a valuable complement 
to more quantitative assessments when 
evaluating a company’s AI readiness 
and sincerity.
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AICDI 
company 
case studies 

REUTERS/Priyanshu Singh
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A special thanks to 14  
companies we engaged with
We would like to extend our sincere thanks to the inaugural group of companies that 
actively shared their responsible AI practices with us during AICDI’s very first year. 
They demonstrate distinct leadership and a commitment to transparency on these 
crucial topics. You can read more below in the company case studies about how 
these companies are handling the challenges around responsible AI deployment.

This group represents a broad range of countries and sectors, underscoring the collaborative 
e!ort behind developing responsible AI practices.

The case studies presented in this section are intended to illustrate practical approaches 
and experiences shared with the Initiative. Inclusion of a company does not constitute an 
endorsement, rating, or validation of its overall performance, practices, or products.

All information is derived from company engagement and materials voluntarily provided by 
participating organisations, supplemented where relevant by publicly available disclosures. 
The content reflects the information shared at the time of engagement and should not be 
interpreted as a comprehensive or independently verified assessment.

70CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE



CASE STUDY 1% TELUS 

Diversity and inclusion 

TELUS is a communications technology 
company that uses, develops and conducts 
AI-related research. In this context, the 
organisation considers diversity and 
inclusion in its AI projects and teams 
developing or implementing AI systems. 
They also work on ensuring that the systems 
are adapted for use across diverse national, 
regional, linguistic, and cultural settings. 

TELUS has approached this by incorporating 
diversity and inclusion considerations in its 
AI projects. They employ a cross-functional 
‘purple team’ AI testing approach that 
emphasises the participation of diverse 
individuals with varying expertise and 
technical literacy to gain comprehensive 
insights into any system shortcomings, 
allowing them to e!ectively mitigate risks. 
They also publish an annual research report 
that captures perspectives on AI from more 
than 11,000 Canadians and Americans, 
with special attention to historically 
underrepresented communities, highlighting 
the importance of including a wide range of 
voices to build trustworthy AI.

Additionally, TELUS has worked with PLATO 
Consulting, an Indigenous-owned software 
company, to set up an extended purple 
team and support Indigenous AI workforce 
capacity and skill-building. The organisation 
conducts public purple teaming events to 
engage diverse stakeholders in analysing 
and assessing the fitness of their generative 
AI systems. TELUS’ Indigenous Advisory 
Council provides guidance on matters 
related to AI ethics issues, particularly those 
a!ecting Indigenous Peoples. Notably, with 
guidance from the Council, they expressed 
concerns that AI-generated images of 
Indigenous Peoples, such as First Nations, 
Inuit, and Métis Peoples, may perpetuate 
stereotypes, inaccuracies, and o!ensive 
representations. In response, TELUS publicly 
committed to not using AI to generate 
images or art of Indigenous Peoples.

REUTERS/Rula Rouhana

Reference: AICDI (AI Company Data Initiative) 
2025 disclosure – Diversity and inclusion, 
questions 2.7, 2.10 and 2.11; TELUS Annual Report67
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CASE STUDY 2% VODAFONE 

Data, systems and cybersecurity
As a telecommunications company 
integrating AI across its products, services 
and business operations, Vodafone faces 
several key considerations related to 
safeguarding the security of the data 
processed within these systems; and 
ensuring that the data rights of their end 
users is upheld. There is also a focus on 
maintaining the safety and security of the AI 
systems themselves while also identifying 
the risks stemming from AI to develop 
e!ective mitigation strategies.

To address these areas, Vodafone has 
adopted a comprehensive set of policies 
supported by practical organisational 
measures. Central to this e!ort is 
the company’s Artificial Intelligence 
Framework68, which dictates that their AI 
systems must carefully manage customer 
data in alignment with their privacy 
commitments and prevailing legislations.

 

This framework complements Vodafone’s 
global privacy management policy, 
which focuses on respecting local data 
protection and privacy laws while setting 
a baseline for those markets where there 
are no equivalent legal requirements. The 
framework also commits to respecting end-
users’ fundamental rights, which includes 

data deletion and control over processing 
of their data. The framework further ensures 
that customer data is used in AI systems 
only when a clear legal basis is established, 
which inherently supports data subject rights 
while also showing commitment to protect 
the security of individuals served by AI. 

In practice, Vodafone supports this policy 
through a well-defined governance 
structure dedicated to addressing emerging 
AI risks. An AI Governance Board comprising 
senior leadership is responsible for AI 
strategy, policy, and threat mitigation. 
The Governance Board is supported by 
the Responsible AI O#ce which along 
with their “Secure and Privacy by Design” 
teams, ensures compliance and ethical 
use of AI while also addressing new risks 
as they emerge. Their AI framework is 
a dynamic document which is regularly 
reviewed and updated to reflect new 
products, technological developments, and 
learnings, ensuring that emerging AI risks 
are considered and mitigation strategies 
are developed. The governance model 
also places focus on multidisciplinary 
approaches, whereby the company 
enables collaboration between their 
internal cybersecurity, legal, and privacy 
experts to inform its AI risk management 
strategies. Additional safeguards include 
pseudonymisation and permission-based 
use of customer data used in AI systems; 
and application of general cybersecurity 
measures to the infrastructure that 
supports AI data.

Reference: AICDI (AI Company Data Initiative) 
2025 disclosure – Safety & security, Data, 
questions 3.6 – 3.10; Vodafone AI Framework68

REUTERS/Yves Herman
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CASE STUDY 3% SAP 

Impact on workers
SAP is an enterprise software company. 
They consider the impact of AI on its 
workforce by o!ering training and reskilling 
programmes that help employees adapt 
to an AI-integrated workplace. They have 
also established policies to mitigate 
potential negative e!ects of AI systems on 
workers, provides AI ethics training to key 
stakeholders, and conducts regular surveys 
to assess employees’ awareness of and 
engagement with ethical AI practices. 

SAP employs a fundamentally human-
centric approach to integrating AI into the 
workplace. They emphasise empowering 
their workforce rather than displacing it and 
this commitment is carried out through a 
robust framework of policies and proactive 
measures. In practice, the company 
intentionally designs and deploys its internal 
AI systems with a “human-in-the-loop” 
architecture, where AI is used to automate 
repetitive tasks, provide data-driven insights, 
and support decision-making — while final 
judgment, critical thinking, and complex 
problem-solving remain firmly in the hands of 
employees. The organisation has a formal AI 
onboarding process required for every new 
AI feature. This programme goes beyond 
standard practice by providing specific 
materials on the AI system’s operation and 
its impact on user workflows. A significant 
part of this process is dedicated to SAP’s 
Global AI Ethics Policy, which covers critical 

ethical considerations such as fairness, 
transparency, and human oversight.

SAP has committed to building an 
AI-integrated workplace through a wide 
array of training and reskilling programmes. 
These o!erings cater to diverse needs, 
ranging from foundational AI literacy for 
all employees to advanced, role-specific 
curricula. Technical sta! receive in-depth 
training in machine learning, data 
science, and prompt engineering, while 
business-focused teams engage in 
programmes that emphasise the value, 
application, and ethical implications 
of SAP’s AI solutions, reinforcing the 
company’s Responsible AI principles. The 
organisation provides comprehensive and 
mandatory training for all relevant sta!, 
ensuring that its Guiding Principles for AI 
are deeply embedded across the entire 
AI lifecycle. The educational framework 
is designed to equip employees with a 
thorough understanding of AI’s purpose, 
functionality, and limitations, while clearly 
defining their ethical responsibilities.

SAP considers AI ethics training a 
fundamental and mandatory component 
of its development and operational 
culture. This training is a required part of 
the onboarding process for all employees 
involved in the design, development, 
deployment, and management of AI 
systems. They actively and continuously 
assess the level of AI ethics awareness and 
practices among its sta! through various 
engagement and feedback mechanisms.

Reference: AICDI (AI Company Data Initiative) 
2025 disclosure – Impact on workers, 
questions 2.1 to 2.4, SAP Integrated report69

REUTERS/Mike Blake
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CASE STUDY 4% TELEFÓNICA 

AI governance, strategic & institutional
Telefónica is a multinational 
telecommunications company that company 
has established AI strategies and guidelines 
with management oversight and ensures these 
are accessible to all employees. In addition, 
Telefónica regularly reviews and updates its 
governance mechanisms, and engages with 
industry, regulatory, academic, and civil-society 
leaders on technological and ethical issues. 

Telefónica’s AI strategy and guidelines—
particularly the Telefónica Artificial Intelligence 
Principles: AI Code of Conduct—assess the 
societal impact and potential harms of AI 
systems beyond direct users. These principles 
ensure respect for human rights across all 
contexts in which AI is applied, inherently 
accounting for broader societal implications. 
The Responsibility by Design project and the 
AI Governance Model include processes for 
assessing risks such as discrimination and 
bias. Their AI Principles, which were approved 
by their Board of Directors in 2024, form 
a core part of their governance approach. 
Their AI Governance Model is overseen 
by the Global Compliance O#cer through 
the Digital Compliance & DPO. They also 
have Responsible AI Champions within their 
business units to ensure the responsible use of 
AI. Their company strategy and guidelines on 
AI involve multiple levels of management and 
specific roles including the Board of Directors, 
the Global Compliance O#cer, the Global 
Sustainability (ESG) O#ce, Responsible AI 
O#ce and other specialised teams.

They periodically review and adjust their 
internal policies, including AI-governance- 
related internal regulations, where the 
Regulation of the Governance Model on 
Artificial Intelligence is subject to review and 
updates by the Global Compliance O#cer. 

Policies are generally reviewed on a two-yearly 
basis or as needed. The review involves 
stakeholders such as the Board of Directors, 
its various committees (Audit and Control; 
Sustainability and Regulation), the Global 
Compliance O#cer, and relevant management 
areas (e.g., Global Sustainability (ESG) O#ce, 
Digital Security, General Secretary, Chief Data 
O#ce, Global Technology O#cer, and the 
Digital Innovation unit). Feedback from these 
reviews—along with emerging risks, regulatory 
changes (e.g., the EU AI Act), and lessons 
learned—is integrated to make necessary 
adjustments to AI governance. 

Telefónica ensures that its AI strategy and 
guidelines are accessible to employees and 
encourages their review through various 
means, including Training and Awareness 
programmes, Internal Policies, and other 
internal channels. 

The company actively engages in technological 
and ethical exchanges with various leaders by 
collaborating with international bodies such as 
the EU AI O#ce, UNESCO, and GSMA. Through 
the International Chamber of Commerce of 
Spain, Telefónica is involved in the UN Global 
Digital Compact, which focuses on mitigating AI 
risks for all consumers and users —especially the 
most vulnerable—demonstrating the company’s 
consideration of broader societal impacts. They 
additionally take part in OECD’s AI working and 
expert groups, contributing to discussions on AI 
governance and best practices.

Reference: AICDI (AI Company Data Initiative) 
2025 disclosure –AI governance - strategic 
and institutional, questions 1.3 to 1.8; Telefónica 
Annual Report70
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CASE STUDY 5% BANCO BRADESCO, PRUDENTIAL, 
BASF, INFOSYS, TELEFÓNICA, TELUS 

AI Skills Training 
Companies across di#erent sectors employ diverse training and reskilling strategies 
to prepare their workforce for an AI-integrated workplace. 

Banco Bradesco, a financial institution, 
provides technical training in artificial 
intelligence, programming, and data 
science, as well as soft skills, to its 
employees through a partnership with 
the tech-focused school, Alura. It also 
o!ers a ‘digital transformation’ programme 
that covers key topics such as AI agents 
and leadership in transformation. This 
programme is designed for employees 
across di!erent Bradesco business units.

 

Prudential, a financial institution, o!ers 
an ‘AI for All’ training programme that has 
educated around 5,000 employees on 
the power of AI and how it can reimagine 
their work. This programme provides both 
technical and awareness-focused AI training. 
AI skills are part of their structured training 
programmes, which are delivered through 
a centralised learning platform, targeting 
employees across the organisation. 

BASF, a diversified chemicals company, has 
jointly agreed with its workers’ councils on 
a general reskilling programme covering 
technical, hard, and soft skills. This is 
complemented by AI-specific training 
o!erings delivered through their Data 
& AI Academy. 

Infosys, an information technology 
company, o!ers a range of AI-specific 
training, including generative AI courses, 
prompt engineering, and AI applications for 
business growth. Their curriculum includes 
GenAI-powered professional skill simulators 
and content on cloud computing and GenAI 
technologies developed in partnership 
with hyperscalers. They have an internal 
learning platform called Lex, which delivers 
their training programmes to all employees. 
Targeted programmes support new hires to 
ensure they are adept in new skills, existing 
employees for reskilling, and leadership 
groups, such as the ‘more than 250 women 
leaders’ who completed a specialised 
certificate course on AI applications. 
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Telefónica, a multinational 
telecommunications company, o!ers 
general training courses to all employees, 
providing an overview of AI, the company’s 
code of conduct, and Telefónica’s AI 
governance model. In addition, awareness-
raising sessions are conducted for 
business areas to promote ethical practices 
throughout the AI lifecycle—from design 
to deployment—ensuring alignment 
with applicable regulations, such as the 
EU AI Act. The company also provides 
a specialised training programme for 
Responsible AI Champions who lead AI 
e!orts within each business unit. This 
programme deepens their understanding 
of both the technical and ethical aspects 
of AI, equipping them to advocate for 
responsible AI practices. To support day-to-
day application, Telefónica has published 
two guides accessible to all employees: 
the Guide to Generative AI for Employees 
AI, focused on responsible usage, and the 
Guide to Responsible AI for Business Areas, 
which supports the ethical development of 
AI-based products and services. 

TELUS, a technology company, o!ers 
multiple types of training to help its 
employees adapt to an AI-integrated 
workplace. This includes the Data 
Steward Certification program, which 
provides Data Stewards with a customized 
certification training program that equips 
them to understand the responsible use 
of AI through data privacy, security, and 
governance. TELUS also supports team 
members in achieving the AI Governance 
Professional Certification o!ered through 
the International Association of Privacy 
Professionals’ AI Governance Professional 
certification. Additionally, the organisation 
provides ethical machine learning training. 
The Data & Trust O#ce includes resources 
trained in ethical machine learning 
techniques, demonstrating specialized 
technical training for AI-related roles. In 
addition to tailored training for specific 
job functions, TELUS runs a Data & AI 
Literacy program for all team members to 
upskill and understand the opportunities, 
governance, and risks of data and AI use.

Reference: AICDI (AI Company Data Initiative) 
2025 disclosure – AI training, question 2.1

76CONTENTS FOREWORDS EXEC SUMMARY INTRODUCTION FINDINGS CASE STUDIES GUIDANCE



CASE STUDY 6% GRUPPO TIM, BASF, TELUS, TELEFÓNICA 

Environmental considerations
Across industries, companies are adopting a variety of strategies to monitor 
and reduce the environmental impact of the AI systems they develop or 
deploy throughout the AI lifecycle. As AI models become more complex and 
computationally intensive, their energy consumption—particularly during training 
and inference—can contribute significantly to an organisation’s carbon footprint. To 
address this, companies are increasingly considering environmental impacts across 
the AI lifecycle, including model design, datacentre energy use, cooling e&ciency, 
and the carbon intensity of electricity sources.

Gruppo TIM, a telecommunications 
company, references its “Verso una Greener 
AI” article, which recognises that AI systems 
consume significant amounts of energy, 
and highlights the need for optimised 
architectures and infrastructure to reduce 
this footprint. Since AI systems require 
substantial computational resources, 
Gruppo TIM’s approach to reducing energy 
and environmental impact applies across 
the full AI lifecycle - design, development, 
deployment and operation. By sourcing 
renewable energy and improving energy 
e#ciency, the organisation reduces the 
operational footprint of AI inference and 
training. The company works to ensure that 
data-intensive services, including AI, are 
delivered more sustainably by monitoring 
eco-e#ciency indicators related to data 
tra#c and infrastructure. Additionally, by 
investing in lower-energy infrastructure 
such as fibre networks and better cooling 
systems, they address environmental 
impact from the design and infrastructure 
side of the lifecycle. The company has 
committed to achieving 100 per cent 
renewable electricity by 2025, sourcing 
energy from renewable sources and 
investing in on-site electricity generation.

BASF, a diversified chemicals company, 
continuously monitors the energy and 
CO% emissions associated with its internal 
AI use through its cloud subscriptions. 
They have determined that the energy 
and CO% impact of this AI use is currently 
negligible compared with their overall 
electricity consumption and corporate 
carbon footprint. The company is also 
increasing the share of renewable electricity 
in its total energy consumption and is 
using AI to reduce both energy use and 
CO% emissions. To support these e!orts, 
the organisation trains machine-learning 
models on historical and simulated data, 
enabling its production plants to operate 
more e#ciently within defined limits. 

Thomson Reuters Foundation/Fabio Cuttica
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TELUS has established environmental 
sustainability as a foundational pillar of 
AI development through its Sovereign AI 
Factory in Rimouski, Quebec – Canada’s 
first fully sovereign AI facility. The factory 
is powered by 99 per cent renewable 
energy in a LEED Gold certified data 
centre, reflecting a design philosophy that 
prioritizes carbon reduction while delivering 
state-of-the-art AI compute infrastructure. 

With a Power Usage E!ectiveness (PUE) ratio 
of 1.15, the facility is three times more energy 
e#cient than the industry average for excess 
power usage with annual energy savings 
of 10.6 million kilowatt-hours of energy 
– enough to power 915 households and 
reduce 329 tons of carbon emissions. TELUS 
employs innovative natural cooling systems 
that leverage Canada’s climate, requiring 
mechanical cooling for only 40 hours per year 
and operating in free cooling mode 98% of 
the time. This reduces water consumption by 
more than 75% compared to traditional data 
centres — using 0.23 litres per kilowatt-hour 
versus the industry average of 1.8 litres and 
saving 17 million litres of water annually. In 
addition, TELUS utilises an AI-driven energy 
optimization system to reduce electricity 
consumption in its data rooms, and it discloses 
information on its AI use through their annual 
sustainability reporting, demonstrating 
an ongoing commitment to transparency 
regarding environmental impacts.

Telefónica employs a range of 
environmental and energy-e#ciency 
strategies across the infrastructure that 
supports its AI systems. These strategies 
include an energy e#ciency plan aimed 
at reducing overall energy consumption, 
including that of data centres and networks 
hosting AI systems; and a renewable energy 
plan, designed to lower the carbon footprint 
of all operations, including that of AI systems 
powered by its infrastructure. 

Through its EcoSmart Services, the company 
works to reuse network and customer 
equipment, reducing the need for new 
manufacturing and thereby lowering the 
embodied energy and environmental impact 
of the hardware that AI systems run on. 

Telefónica monitors the environmental 
risks of AI systems through its AI 
governance tool, ensuring that sustainability 
is assessed throughout the entire lifecycle. 
Furthermore, it provides training on 
environmental impact monitoring solutions 
and has developed its own tool, Kiri, which 
measures the CO% footprint of AI systems 
and is available to AI solution owners to 
support mitigation actions. 

Reference: AICDI (AI Company Data 
Initiative) 2025 disclosure – environmental 
considerations, question 1.16
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CASE STUDY 7% BANCO BRADESCO, SAP 

Review of AI governance 
mechanisms
Companies employ a range of approaches to reviewing and updating their 
AI-related governance mechanisms. As AI technologies advance rapidly, regular 
review processes help organisations ensure that their systems continue to comply 
with emerging regulations, identify and mitigate emerging risks, and uphold ethical 
standards across the AI lifecycle. These governance mechanisms ultimately help 
organisations maintain the reliability and integrity of their AI systems as both 
internal needs and the external landscape continue to evolve.

Banco Bradesco, for instance, maintains 
a defined review cadence to ensure the 
continued relevance and e!ectiveness 
of its key AI directives. Its Generative AI 
Framework is updated quarterly to integrate 
the latest technological developments and 
platform enhancements. The Corporate 
AI Policy undergoes a formal annual 
review to ensure alignment with the 
evolving regulatory landscape and ethical 
commitments. Additionally, the overarching 
Corporate AI Strategy is continuously 
assessed by executive leadership to ensure 
its alignment with strategic business goals 
and market dynamics.

SAP has an AI governance framework 
that undergoes a comprehensive review 
on a biannual basis, ensuring strategic 
alignment and thorough assessment. This 
is supplemented with provisions for ad-
hoc reviews, which may be triggered by 
new regulatory developments, significant 
technological shifts or the launch of high-
impact AI initiatives. The review process is 
closely integrated with key stakeholders 
across the organisation. Strategic oversight is 
provided by the steering committee, including 
top management, which convenes biannually. 
Quarterly reviews are held with management 
from various business and technology 
domains to maintain cross-functional 
alignment. Additionally, an operational AI 
steering committee, composed of technical 
experts and project leads, meets monthly 
to address tactical challenges and monitor 
ongoing performance. Feedback and insights 
from all reviews are systematically channelled 
to the designated process owners and 
subject matter experts responsible for the AI 
governance framework.

Reference: AICDI (AI Company Data Initiative) 2025 
disclosure – Review of AI governance mechanisms, 
question 1.5

REUTERS/Thomas Peter
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CASE STUDY 8% CEMENTOS ARGOS, BASF 

Workers’ rights 
As companies increasingly adopt AI-enabled processes, safeguarding employees 
from unintended harms—such as unjust monitoring or biased decision-making—has 
become an essential part of responsible AI governance. As a result, companies are 
beginning to embed human-rights-based safeguards and governance structures 
into their AI deployment processes, including consultation with employee 
representatives, transparent communication, and assessments of potential impacts 
on worker well-being. To look at how companies ensure that AI tools used in the 
workplace do not infringe on workers’ rights, this section highlights the approaches 
taken by Cementos Argos and BASF. 

Cementos Argos, a conglomerate, has a 
human rights policy and a commitment to 
labour practices that guide its actions in 
protecting the human rights of both internal 
and external stakeholders. These policies 
and commitments form the foundation 
of all company policies, including those 
related to Artificial Intelligence, which 
has ethics as its foundation and prioritise 
people’s safety and well-being. 

BASF ensures that each use case of AI 
tools and the systems in which they are 
implemented is in alignment with employee 
representatives. The company also monitors 
and assesses data processing activities to 
ensure rightful processing of personal data. 

Reference: AICDI (AI Company Data Initiative) 
2025 disclosure – Worker’s rights, question 2.5

China Daily via REUTERS
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REUTERS/Brendan McDermid 

Guidance 
for investors
Our findings show that artificial intelligence has moved from 
hype to an operational reality, yet governance has not kept 
pace. Many companies articulate about AI ambitions without 
explaining how they will be implemented, and only a small 
share publicly align with recognised frameworks. Recent 
corporate disclosures, including management commentary, 
are beginning to caution investors about the risks associated 
with AI deployment.71 

For investors, this means exposure to operational errors, 
regulatory penalties and reputational damage. This section 
distils the implications of those gaps for portfolios and 
o#ers practical ways to respond.
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Implications
The patterns in the findings translate into several areas of exposure for portfolios:

Operational and legal risk
Because few issuers have formal model registries or conduct 
impact assessments, algorithmic errors, bias and privacy breaches 
are more likely to escape detection until they trigger lawsuits, 
fines or product recalls.

Regulatory headwinds
Emerging regimes such as the EU AI Act emphasise data quality 
and bias management, and corporate filings are beginning to 
warn about AI-related risks.71 Investors should expect higher 
compliance costs for companies that lag behind.

Sectoral and size disparities
Technology, communications and financial services firms, especially 
large-caps, generally display more developed governance 
structures. Energy, materials and real estate companies are less 
prepared, which should inform sector weighting and risk premiums.

Human-capital vulnerabilities
Many issuers invest little in training or reskilling programmes and 
lack mechanisms to protect workers or handle grievances. This 
heightens the risk of operational disruptions and labour disputes.

Data governance gaps
A minority of companies oversee training-data quality or 
third-party data practices. Since many AI failures originate with 
vendors, weak oversight introduces hidden risk.72

Ethical and environmental blind spots
Few firms commit to ethical frameworks or environmental impact 
assessments. High-powered AI models are energy-intensive,72 
and ignoring ethics invites regulatory and reputational backlash.
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Investor engagement checklist
Drawing on the thematic and sentiment findings, this checklist distils the questions investors should 
ask at any stage of the investment cycle. The prompts below translate governance gaps into a 
practical framework for both pre-investment screening and post-investment engagement:

Governance and frameworks 
Checks whether the company has clear leadership, responsibility, and written rules for how AI 
decisions get made.

QUESTION WHAT IT TELLS YOU 

Do you have a company strategy and / or 
guidelines on AI? 

 → AICDI survey question 1.4 

A defined AI strategy signals the company is 
managing AI intentionally, with clear ownership, 
aligned goals, and governance (risk controls, 
monitoring, documentation) to scale use safely and 
accountably.

Does your company adhere to any self-regulatory 
codes of conduct, voluntary frameworks, 
commitments, guidelines, or internationally 
recognized technical standards in relation to 
the ethical development and deployment of 
AI, recognised by reputable industry bodies or 
relevant regulatory authorities? 

 → AICDI survey question 1.2

Alignment with recognised AI frameworks 
and standards signals governance maturity and 
helps assess consistency, risk controls, and 
regulatory readiness in ethical AI development 
and deployment.

Do you have a company-wide designated 
board, committee or person(s), or similar bodies 
designated to review issues of accountability and 
responsibility, and other ethical issues? 

 → AICDI survey question 1.7

Formal arrangements signal mature AI governance, 
clear accountability and consistent controls (risk 
checks, testing, documentation, security, incident 
handling) to ensure AI is used safely, ethically, and 
compliantly.

Do you have dedicated resources with the 
authority and responsibility to ensure the ethical, 
safe, secure and trustworthy development and use 
of AI within the company? 

 → AICDI survey question 1.8

If a company can assign responsibility at every 
AI lifecycle stage to specific people or entities, it 
shows clear, accountable AI governance; if not, 
accountability is likely fragmented and oversight 
weaker.

Question to ask companies What it tells you about their  
approach to responsible AI 
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Implementation and controls 
Checks whether those rules are followed in practice through testing, approvals, monitoring, and 
fixes when something goes wrong.

QUESTION WHAT IT TELLS YOU 

What technical / institutional processes have 
been put in place to ensure the accountability, 
auditability and traceability of (the working of) AI 
systems you develop or deploy at all stages of the 
AI lifecycle? 

 → AICDI survey question 1.14

Having concrete audit/traceability processes (logs, 
documentation, monitoring, approvals) shows the 
company makes AI accountability operational and 
verifiable, not informal or ad hoc.

Do you have a feedback mechanism for users of 
AI systems you develop and/or deploy to surface 
potential ethical issues? 

 → AICDI survey question 1.19a

A user feedback channel signals ongoing, 
realworld AI governance, monitoring for 
harms, responding quickly, and strengthening 
accountability.

Do you have a process to conduct any of the 
following kinds of impact assessments? Ethical 
Impact Assessment; Fundamental Rights/Human 
Rights Impact Assessment; Data Protection 
Impact Assessment; Privacy Impact Assessment; 
Environmental Impact Assessment; Other. 

 → AICDI survey question 1.15

Carrying out impact assessments helps companies 
can spot and reduce AI risks before rollout, 
like bias, privacy issues, safety failures, or legal 
exposure. 

Workforce and social safeguards 
Checks how AI a!ects employees and the public, and what protections exist to prevent harm 
and ensure human oversight.

QUESTION WHAT IT TELLS YOU 

Do you provide training or reskilling programs 
for employees adapting to an AI-integrated 
workplace? 

 → AICDI survey question 2.1

Having clear programmes signals there’s ownership, 
funding, and a plan to close skill gaps, support 
impacted roles, and reduce risks like unsafe AI use, 
productivity loss, and retention issues.

How does your company ensure that AI tools used 
in the workplace do not infringe on workers’ rights? 

 → AICDI survey question 2.5

A defined approach signals the company has rules 
and controls to prevent harmful uses (e.g., intrusive 
monitoring, biased performance decisions), protect 
privacy and due process, and provide transparency 
and escalation paths when tools a!ect employees.
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Data quality and vendors
Checks whether the company’s AI is built on reliable, well-governed data and supported by third 
parties it can trust. Poor data or weak vendor oversight can quietly undermine accuracy, security, 
compliance, and accountability.

QUESTION WHAT IT TELLS YOU 

Does the company have internal data privacy and 
security policies? 

 → AICDI survey question 3.1

Whether these polices exists indicates if AI is built 
and used on a protected data foundation, clear 
rules for access, retention, sharing, and security 
controls to prevent leaks, misuse, and compliance 
failures.

Do you have a policy that governs data sharing 
with a third-party provider of AI systems or 
services? 

 → AICDI survey question 3.4

A defined policy signals the company has clear 
rules, approvals, and contractual protections 
for vendor data use (purpose limits, security 
requirements, retention/deletion, and audit rights) 
to reduce privacy, IP, and regulatory risk.

Ethics and sustainability 
Checks whether the company anticipates and manages AI’s human, social, and environmental 
impacts/ This ensures systems are fair, transparent, safe, and aligned with stakeholder 
expectations rather than optimising only for speed or profit.

QUESTION WHAT IT TELLS YOU 

Do you have dedicated resources with the 
authority and responsibility to ensure the ethical, 
safe, secure and trustworthy development and use 
of AI within the company? 

 → AICDI survey question 1.8

Dedicated, empowered resources signal the 
company has clear accountability and decision 
rights to set standards, review highrisk uses, require 
mitigations, and monitor compliance as AI scales.

Which measures are in place to reduce the energy 
consumption and environmental impact of the AI 
systems you develop or deploy throughout its the 
AI lifecycle? 

 → AICDI survey question 1.16

Having clear measures signals the company tracks 
and reduces impact in training and deployment 
(e.g., e#cient models, optimised compute, and 
ongoing monitoring).

Ethics and sustainability 
Checks whether the company anticipates and manages AI’s human, social, and environmental 
impacts. This ensures systems are fair, transparent, safe, and aligned with stakeholder 
expectations rather than optimising only for speed or profit.

QUESTION WHAT IT TELLS YOU 

Do you have dedicated resources with the 
authority and responsibility to ensure the ethical, 
safe, secure and trustworthy development and use 
of AI within the company? 

 → AICDI survey question 1.8

Dedicated, empowered resources signal the 
company has clear accountability and decision 
rights to set standards, review high-risk uses, require 
mitigations, and monitor compliance as AI scales.

Which measures are in place to reduce the energy 
consumption and environmental impact of the AI 
systems you develop or deploy throughout its the 
AI lifecycle? 

 → AICDI survey question 1.16

Having clear measures signals the company tracks 
and reduces impact in training and deployment 
(e.g., e#cient models, optimised compute, and 
ongoing monitoring).
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Using the checklist
This unified checklist is intentionally versatile. In pre-investment screening, 
investors can use it to gauge governance maturity, identify red flags 
and compare potential investments across sectors. In post-investment 
stewardship, the same questions provide a structured agenda for dialogue: 
investors can request evidence, set milestones and monitor progress over 
time. Because governance maturity varies widely by industry and company 
size, investors should calibrate expectations accordingly and integrate the 
responses into valuation, engagement and voting decisions. 

Crucially, the intention of this checklist is for investors to support 
companies in taking part in the survey – following the logic that “sunlight 
is the best disinfectant” and that companies which disclose data on their 
AI governance are more likely to improve their practices. 

Investors can incorporate AI considerations  
into their processes:

Integrate risk into valuation 

Factor governance gaps, potential fines and reputational 
damage into cash-flow and cost-of-capital assumptions.

Adjust for context

Modify sector and regional risk premiums for industries 
and jurisdictions with low governance maturity or stringent 
regulations.

Collaborate and advocate

Work with peers and industry bodies to push for better 
disclosure and standard-setting.

REUTERS/Sergio Flores
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When evaluating AI-related proxy proposals, investors  
should observe the following neutral principles:

MEANINGFUL TRANSPARENCY

Disclosures about governance structures, risk-management policies and impact 
assessments give investors the information they need to evaluate whether a 
company is managing AI responsibly. Our findings show that only a small minority 
of companies maintain model registries or conduct impact assessments and most 
have not committed to recognised governance frameworks. This transparency gap 
makes it di#cult to assess risk. However, proposals should be proportionate to the 
company’s size and exposure: a one-size-fits-all reporting demand could impose 
undue burden on smaller issuers while providing little incremental insight. 

Striking a balance between transparency and practicality ensures that 
reporting drives improvement rather than becoming a check-the-box exercise.

BOARD EXPERTISE

Board oversight is critical for controlling the risks and opportunities of AI.72 
However, our findings indicate that only about half of companies have board- or 
committee-level oversight of AI, underscoring the need for stronger expertise. 
If directors lack relevant knowledge or fail to seek expert advice, they may 
rubber-stamp AI initiatives without understanding the underlying risks.72 

Supporting proposals that enhance board competence – such as establishing 
dedicated committees or bringing in external advisers – helps ensure that AI 
decisions receive informed scrutiny.

Responsible AI principles  
for proxy voting
Shareholder resolutions on AI are attracting growing support. A recent study of fifteen 
AI-related proposals filed at US companies in the 2024–2025 proxy seasons found 
average support of about 30 per cent, nearly double the average for other environmental 
and social proposals.73 Most of these resolutions were filed at major technology firms 
(Alphabet, Amazon, Apple, Meta Platforms, Microsoft and a handful of media companies) 
and targeted board oversight, reporting on societal risks such as misinformation and 
disinformation, AI-driven advertising and broader transparency.73 Support varies widely 
across asset managers: European investors generally supported AI resolutions at much 
higher rates than their U.S. counterparts.73
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INDEPENDENT ASSURANCE 

Given the technical complexity of AI, third-party audits and bias reviews provide an 
objective check on company claims. Yet our findings show that very few companies 
undertake independent ethical or environmental impact assessments and even 
fewer provide grievance mechanisms for AI-related issues. 

Independent assessments can identify hidden flaws, biases or compliance 
gaps that internal teams may overlook. Supporting resolutions that call for 
external assurance increases accountability and builds trust with stakeholders.

SUBSTANCE OVER SYMBOLISM

Many companies already have high-level AI policies, but without measurable 
goals and timelines they may lack teeth. Our analysis shows that nearly nine in ten 
companies have not publicly committed to any AI governance framework, and only 
a tiny share maintains model registries. 

Favouring proposals that specify concrete actions, such as establishing a model 
registry or conducting impact assessments, helps ensure that management 
commits to meaningful improvements rather than symbolic pledges.

BALANCED AMBITION

Robust AI governance entails costs; unrealistic demands can divert resources from 
productive innovation or penalise smaller companies. Because governance maturity 
varies widely across sectors and company sizes—technology, communications and 
finance firms tend to be more advanced, while energy, materials and real estate lag 
behind—investors should calibrate expectations accordingly.

Voting decisions should weigh the benefits of heightened oversight against the 
company’s capacity and risk profile, fostering responsible AI adoption without 
stifling growth.
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Investor Case Study: ESG-AM 

Why responsible AI matters in ESG-AM’s approach

ESG-AM is a Swiss-based asset management 
firm specialising in sustainable investments, with 
a concentrated service and product o!ering 
in the fixed income segment. Sustainability is 
integral to our identity as an asset manager and 
is embedded across our investment approach, 
with the aim of supporting resilient portfolios 
and long-term value creation through the 
thoughtful integration of sustainability-related 
considerations.

In 2025, ESG-AM identified artificial intelligence 
(AI) as an emerging sustainability consideration 
due to its expanding use and its potential to 
give rise to a range of environmental, social, 
and governance implications. The development 
and deployment of AI raises questions related 
to energy consumption, labour impacts, bias, 
and governance oversight that are increasingly 
relevant for responsible business practices. 
At the same time, AI has the potential to 
contribute positively to addressing sustainability 
challenges, including improving resource 

e#ciency, supporting innovation, and enabling 
more informed decision-making.

ESG-AM views engagement as a constructive 
tool to promote transparency and to 
understand how companies identify and 
manage risks and opportunities arising from 
the use of AI. In 2025, we began examining 
responsible AI as an engagement theme, 
focusing on sectors where AI presents 
significant challenges or opportunities, 
and identifying priority companies for 
engagement in collaboration with ESG-AM’s 
portfolio managers. Given rapid technological 
development and uneven disclosure practices, 
ESG-AM’s primary emphasis is on encouraging 
transparency, with the aim of establishing a 
baseline level of comparability across issuers 
and potential investees. This initial phase centres 
on awareness-raising on the importance of 
transparency and information gathering. Against 
this backdrop, ESG-AM joined AICDI in 2025 as 
a first step in supporting a structured, informed 
dialogue with our investees.

Where AICDI fits and what it enables

Voluntary disclosure initiatives such as AICDI can be particularly useful in a rapidly evolving 
regulatory landscape. They provide complementary sources of information that may support 
investors’ analytical processes, enhance comparability across companies, and help identify 
areas where further dialogue with issuers may be constructive. While such initiatives do not in 
themselves ensure completeness, accuracy, or verification of issuer disclosures, our experience 
with sustainability disclosure frameworks, including the Workforce Disclosure Initiative, 
indicates that repeated participation by companies often leads to more detailed and consistent 
disclosures over time, contributing to improved transparency. In this context, AICDI data can 
be a helpful source among the inputs ESG-AM uses to inform the prioritisation of engagement 
e!orts, supporting future dialogue focused on encouraging responsible AI practices beyond 
disclosure. We view AICDI not only as a data collection exercise, but also as a forum that 
supports shared learning, peer benchmarking, and company engagement at a stage when 
many companies are seeking orientation on responsible use of AI tools and practices. 

→
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An engagement example

During AICDI’s pilot year, ESG-AM focused 
its engagement on encouraging portfolio 
companies to take part in the AICDI 
survey. Priority companies were identified 
through portfolio analysis of sector-
level exposure to AI development and 
deployment risks, focusing on technology, 
semiconductors, telecommunications, and 
consumer electronics. 

ESG-AM engaged with four companies 
across these sectors, encouraging 
disclosure to AICDI and positioning 
the survey as a tool to assess and 
strengthen internal AI practices. In the 
case of one telecommunications company, 
engagement included written outreach 
to encourage participation, followed 
by a call facilitated by ESG-AM that 
brought together representatives from 
the company’s investor relations and AI 
teams, alongside a member of the AICDI 
team. During the discussion, ESG-AM 
shared its investor perspective, while the 
AICDI team member walked through the 
survey framework, highlighting strengths 
as well as potential gaps in the company’s 
AI-related disclosure. The company 
subsequently submitted data to AICDI. 

One semiconductor company further 
expressed interest in participating in 
a future cycle, citing current resource 
constraints. A large technology company 
noted that it already provides extensive 
AI-related disclosure through existing 
transparency reporting and is prioritizing 
upcoming regulatory requirements. A 
consumer electronics company did 
not respond despite multiple outreach 

attempts. ESG-AM will continue to 
monitor these issuers and may re-engage 
in a future AICDI cycle.

As participation grows, AICDI could 
provide a space to support company 
dialogue on the responsible use of AI, 
including the sharing of good-practice 
examples and peer learning. Over time, 
such a platform could help identify 
emerging expectations, highlight areas 
where additional guidance may be 
beneficial, and support more informed 
dialogue between market participants. It 
may also provide a forum for investors, 
companies, researchers, and civil society 
to exchange insights on responsible 
AI challenges and blind spots and to 
contribute constructively to broader policy 
discussions.

“By improving visibility into 
companies’ AI practices, 
AICDI helps investors move 
discussions with companies 
toward the areas where 
additional clarity, risk mitigation 
or progress is most needed.”

REUTERS/Toru Hanai
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Artificial intelligence (AI) is rapidly being embedded across companies’ products, services and 
internal operations, yet governance and disclosure are not evolving at the same speed. This report 
looks at corporate practice in the context of the emerging responsible AI regulatory landscape and 
analyses publicly available data collected by the Thomson Reuters Foundation’s AI Company Data 
Initiative, the largest global dataset of corporate responsible AI disclosures. As privately developed 
or deployed AI systems shape more of daily life, transparency must move beyond technical 
descriptions to show how accountability works— including who makes decisions, how ethical 
issues are escalated, and what remediation paths exist when things go wrong. Clear responsibility 
for harms or breaches should be identifiable in practice, not just in principle. Just as we expect 
openness and accountability from government, it is important that the private sector meets 
comparable transparency standards for AI that a!ects the public.

Disclaimer 

This publication, the information therein and related materials are not intended to provide and 
do not constitute financial or investment advice. Thomson Reuters did not assess companies 
according to financial performance or metrics. Thomson Reuters Foundation makes no 
representation regarding the advisability or suitability of investing in any particular company, 
investment fund, pension or other vehicle, or of using the services of any particular bank, asset 
manager, company, pension provider or other service provider for the provision of investment 
services. A decision to use the services of any bank, or other entity, or to invest or otherwise should 
not be made in reliance on any of the statements set forth in this publication. While every e!ort has 
been made to ensure the information in this publication is correct, Thomson Reuters Foundation 
and its agents cannot guarantee its accuracy and they shall not be liable for any claims or losses of 
any nature in connection with information contained in this document, including, but not limited to, 
lost profits or punitive or consequential damages or claims in negligence.
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